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Abstract
Objective

Although a growing body of international literature has examined the role of social media in
agenda-setting processes, public opinion formation, and intermedia agenda-setting, there
remains limited empirical research on how social media data can be systematically employed
within the policy agenda-setting stage of science and technology policymaking. In the
Iranian context, this gap is particularly pronounced. While social media platforms, especially
X (formerly Twitter)—have become highly politicized spaces where policy-relevant debates
unfold, policymakers lack clear frameworks, methods, and empirical evidence to guide the
use of such data in policy agenda-setting.

The central problem addressed in this study is the lack of clarity regarding how social
media data, and more specifically influential user-generated posts, can contribute to agenda-
setting in science and technology policy. Existing studies often focus on media effects,
public opinion dynamics, or intermedia relationships between traditional and social media,
but they rarely translate these insights into concrete implications for policy agenda-setting.
Consequently, policymakers face uncertainty about which types of social media content
matter, which actors exert influence, and which characteristics of posts enable them to shape
policy priorities. The primary objective of this study is to examine how social media user
data can be utilized in the agenda-setting stage of science and technology policymaking.
More specifically, the research seeks to identify the content-related and structural
characteristics of influential posts on the X platform that possess agenda-setting capacity in
the context of technology policy. To achieve this objective, the study addresses the following
overarching research question: How can social media data be used to inform and support
agenda-setting in science and technology policymaking? This question is further
operationalized through a focused empirical investigation of a salient policy event: the
proposal of the “User Protection in Cyberspace Plan” in Iran. By examining how this policy
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issue emerged, circulated, and gained prominence on X, the study aims to uncover the
mechanisms through which influential posts contribute to policy agenda-setting.

Research Methodology

The study is grounded in agenda-setting theory, originating from the seminal work of
McCombs and Shaw, which demonstrated the capacity of mass media to shape public
perceptions of issue salience. Subsequent developments in agenda-setting research extended
the framework to intermedia agenda-setting, highlighting how different media platforms
influence one another. With the rise of social media, scholars have increasingly examined
agenda-setting dynamics between traditional media and digital platforms, as well as the role
of user-generated content in shaping issue salience. Building on this literature, the present
study situates social media platforms—specifically X—as arenas where agenda-setting
processes unfold not only through institutional media actors but also through influential
users. By focusing on the agenda-setting stage of the policy cycle rather than the entire
policymaking process, the study narrows its analytical scope to the early phase in which
issues gain attention and enter the policy agenda.

This research adopts an exploratory qualitative approach. The study begins with a
systematic review of prior research on social media data usage, agenda-setting, and policy-
related communication. This review informs the conceptual framework and guides the
empirical analysis. Empirically, the study focuses on a single, high-profile technology policy
event: the “User Protection in Cyberspace Plan.” Data was collected from the X platform
over a one-year period surrounding the emergence and discussion of this policy proposal.
Influential posts were identified based on an operational definition specified in the
methodology section, incorporating engagement metrics and indicators of visibility. The
selected posts were subjected to qualitative content analysis and thematic analysis. This dual
analytical approach enabled the identification of recurring themes, discursive patterns, and
salient features within influential posts. The analysis distinguishes between content-related
characteristics—such as linguistic features, emotional tone, thematic emphasis, temporal
dynamics, and frequency patterns—and structural characteristics, including user account
attributes (e.g., number of followers, account age, and profile features).

The choice of the X platform is motivated by its distinctive affordances and its
prominent role in political and policy-related discourse in Iran. Despite long-standing
filtering, X continues to host a substantial and politically engaged user base in the country,
including policymakers, experts, journalists, and technology companies. The platform’s
emphasis on topical content, hashtags, and algorithmic timelines facilitates rapid issue
amplification and public debate, making it particularly suitable for agenda-setting analysis.
The “User Protection in Cyberspace Plan” was selected as the empirical case due to its
significance within Iran’s technology policy landscape and its high visibility on X. The issue
generated intense debate, mobilized diverse actors, and appeared to influence policy
discussions and implementation strategies, rendering it an appropriate case for examining
agenda-setting dynamics.

Findings

The findings reveal that influential posts on X exhibit a combination of content-related and
structural features that enhance their agenda-setting potential in science and technology
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policymaking. Content-wise, posts with strong emotional framing, clear and accessible
language, and explicit policy relevance were more likely to gain visibility and engagement.
Temporal factors, such as timing of publication relative to key policy developments, also
played a significant role. Structurally, posts originating from accounts with high follower
counts, established credibility, and strong network connections demonstrated greater
influence. Interaction patterns, including retweets, replies, and mentions, further amplified
the visibility of certain posts, contributing to the sustained prominence of the policy issue.
Together, these features facilitated the transformation of individual posts into focal points of
collective attention, thereby shaping the policy agenda.

Discussion & Conclusion

This study demonstrates that social media data—particularly influential posts on the X
platform—constitute a valuable resource for identifying priority issues and understanding
agenda-setting processes in science and technology policy. By focusing on the agenda-
setting stage, the research highlights how specific characteristics of social media posts
contribute to issue salience and policy relevance. The findings suggest that policymakers can
benefit from systematically monitoring and analyzing influential social media content to
better understand emerging concerns and societal sensitivities. More broadly, the study
provides a foundation for developing data-driven tools and frameworks that integrate social
media analytics into policy agenda-setting processes. Such approaches hold promises for
enhancing policy responsiveness, inclusiveness, and contextual awareness in science and
technology governance.

Keywords: Technology Policy, Agenda-Setting, Social Media Data, X Platform (Twitter).



S23U8 3 ple (5 51T Canlw (55105515 5 giawd 3 (Eloi! il y SR0S1S Cuns )5

(s p il 359 590 4xdlio)

SEW dvoms
labafi @randoc.ac.ir :asbbl, .5l ul «oles (S161) oll el (5,5 5 pole olSutingy (oMbl g dnals 0 3Scimngy o lusild

oS>

oy (ISl 38 )5 (51 (65000 5 soges HISE )3 g LS (el ot (ke | S eloi] (slaaib) 10
By L) e pgbots T L 5 5,650 0l (i e 8, b S o ol lacdss (gl | (s (bld oy ol (ul iy 0
Sl ald o cloin! gladils, glaodls jl dioplles &yaoay eiST ¢l pl ;5 (559k8 5 e IS sl ¢yl 929 b .aiS
il g el (ngis sl Slgi oo 0je (nl 3 (b Slegdge 4 elus ()8 slrolins s 103 S oslitul (5)9l8 o e
Lo yo 53 elazal (sloaliy olylS (slnosls G5 (S35 gt B b 52l g 55 ) 5 ke ealge il L lncusls

Lol 0 plol (659ld 5 e (o )18 Cunliw (235,18 5

5 cloinl laalo, laodly Caw)lS 59> 55 cpiny (ld yidgh Jopllas g0 ay Il ¢ BLiST (65,505, b Lidgh opl 1039)
slad o lp)lS Geis 5l colo? gyb (i (gy9l8 Bje jd asuie dlgy SO 38 el bl Ay ctwlaw (6135 ,18 g
L;:LJA.G L pad uul_wl » .)yv)j dbbw.j W cl)ml dJLw;gu u.:L:) o)b gﬁ: 5 ‘UAS\,I P)ml; 3 0D Pl .)99); dl.tz;w.j ‘<<L5}l7.“

A8 o g (e Jlod g Tgiee Julod sla by Sl edlitul b g el (i gy piS )3 ensadl)

.\_:lyu_,o &8 5, deg gylidle g t.s"l9">“° s S 5l L;\d,cyo.m ;‘_)..Sil pyaily J9m)j L;LQCM..; 5 &S b oL Julow gl :Lhd.:stg‘
HL dgizes by 8gm0 dles 1 alisee slal Jolis b S5g oyl bl atily 1) (g)0lid (618 Cunliw 895 53 swlow HIS ygtwd dbgl cud b
Slegdge (K p g 3985 lalj8l s ggoome ;3 48 Cunl ()l Jolos 5 4 jlislor b bassjo (sla Sy 9 Lisl (loj (sl

g oo e (sl

Olgsdny a5 e e Sl pyily )3 395 sy g cslazz] slaaili; slaodls & s o (LS pb gl 35 S Aot

oo 4y 58 005 g ool wl (598 g ple (gl T b S gmwd & (2O 5 Hlaglsl Blus ool (gly diadd )l (auio

g Loyl dasgs (el (alive Wl 00 g 33l o0 pal B 1) (slat] sladilo) clocuny S3e sl Shy (alolid (ISl (53518520
b oanl 3 elean! cladils, (claosls p e (6,138l (sla St
oSl iy« selain] (lndSad IS8 9> o6 i uslis 005150

piily 163 )50 dalllas) (5)5li8 5 plo (g liT il (5)lIT )1 y5m0s o eloin! gladil; (sloosly o)l (V- F) duoms ¢ SU 13Lw]

OV YA (V)F cile) Coppde (sl ooy (oS3

WV el s ol BYF —FAL ¥ 5l F 6,90 T+ (il oy pote (gl sy e
V¥ s g )b Oltg oy €y e 5SSl 1L
VEF/ 0NV sl )b oty - ol tdllde £o5
VOV sl s Bty ©

doi: https://doi.org/10.22059/MMR.2025.405128.1219



Y’b)‘»»&‘i b)sb‘\i0£c45l~v)%ﬂéa‘5lhuw)ﬁ £4Y

4dodio
48 Sl ond has (obg g gy S5 @ SOyl 09 oo iy Jltomd Gyl (39 xS13 L &S (g pas
@ ) ilwaSd 9 ) Ml Pl I sladilo o golaw 5 2830 gm0 & Qlea pulye )3 1) 513
Sl (B nwss] ] pibobe (il 4 sloi] gl sbapyisly (YYY 5053 5 (Bgal) 25 o
SLaalo; (slapisly ;> oMbl s S g ey (VYT 35 5 5 Sy (63 ol (39) o s
o &g (st 5 LSt (ST sloig) il 03, 31wl obgy M piusmsS] oelois ]
o 5 (o o Sly e llgmongale cgi) 28 o S8 Sl (slaaSas 3 SleMbl gy B S 4 eni oS
oMb ISzl & o Ll s ¢ elain] Bluy poitly (K, siods puSol ity sl Jlo ki b (VY-
S Yo can g T TNV CSan VoYY T S g S e Sudgigan) Cusl 4L oo i
i 3 faslale L LS gbea VY 5l i L il ol YN8 B8 5 LualS il o558 cpmalyd
(oS ) A8 (o (Byxe 393 sllae (L)l JUBT Ly eyt ol ()l g Cusl 039 (3890 (IS Caslias g 59 0
lgo (595 35 po5 b 355 Auwgs (ghil 51 ool (Y08 & bl ¥V LYo T SluS, VWA Leg g aeS
@bad (VY gl g o) cat s Y b g aKnia aile la Sy I L g )l sla by sl
SIS Cou a1y Olis g )hcd,b ) Gleguige Mg o nlyar )8 o] )3 a8l 03,8 sl p il ol o 1,
L ol ond el (S0l )3 Waodls 8} (192 S5p3 0 9 (0992 5L (e 9 9090 2 (e (alpoee Glod o]
NI () 5 S N5 0l ) 128 03litsl gl s (6l 0] st lyiods epyitly ) 51 bt
AR VPP

Ayl dmg LeMbl g Ll i plodsan oSl pyith 4 daigliS s wile 8 @l 1 ()b 09l
Ol i @l Glyedr g 55l jen GuSul pyiily ) Melliw o)l 8 pogadas da)liS i (ioen
Joes con 31 s o ol lais)lS 18 pogadds das)liS p3 oS S b andl 6,8 oo )5 Lol plo

yoboy A S e dng o 40 ond e U3 g pisly gl 4 oS el OS] colio 331 ol 5 olezal oS

S 3l pydily ml 595 & g Conl L] ezl olSGla Jdoas Sl py8ky 53 jeren ey el < e

1. Azzimonti & Fernandes

2. Van Dijck, de Winkel & Schéfer

3. Shu, Mahudeswaran, Wang, Lee & Liu

4. Simonofski, Fink & Burnay

5. Ho-Dac

6. Lee, Lee & Choi

7. Blasco-Duatis, Coenders, Saez, Garcia& Cunha
8. https://www.bankmycell.com/blog/research/
9. Kim, Kim & Zhou

10. Regstad

11. Enli

12. Styles

13. Bucher & Helmond

14. Lee & Xu



£4€ B | e ol (6,138 Gl (6,135 15 y92w5 5 e loinl ail, Wodls CamalS

753 5l iy ity (] 3 1y Ml g LT B S n 32555 1y )l oS ity sl gin Sl 0
Slegdge Jo> 9 59cuiS g casn & pyitl pl 3 9 IR STzl & Taslo )8 Slsime p (e slapi
W30y sanss

cond 3l e g sl 45 ol ol byl sl (VAVY) U5l 5 5l Se o8 Slillas (g5
S s alals k5 (68 IS &y )38, 535 30 Cind g WS ()5 > 00 Sy pogad )3y p20
255Sa 4 0l by 9 i 3y 35 el o Sgid Gy (sl ey o 05 poxie (AST) (il
03l 53 (635 Cusls 835 5 4y )lai cul el Sl dny (ppizmed LS o il IS 5203 K00S4 5 Wil
Obee L (IAS) laibosy g )50 ool (sl ddllae o), 5 i3 ¢ eloia) glaail) glg) ) g 03
OhlSen 5 oS VNP olins)) 18 Ll (elama] ladilo) il p ite ol 5 it ol
ot ) e U5 ey il SIS 5ty elain] cladily (YO O uyald o aiey Mg ills ¥+ VA
PR 48” Jgw cpl el ol b 35,38, 186 leguoge g Jiluws CudesS poguad 3 gages S8 A5l e laeile
el Gl Stnghy o Jore join )l (6l (i Sl aw S

L il YN Jlo b duglie (o a8 sl awyiwd ool 4 Glilpl s Ve dgas Y-V agils b
56 (1988 Camar 5l 00y3 ¥ ) Sll ygabe YT 51 G 45 398 00 03] (a3 (pizned md g (LS 1) (50310
Lol 4l 008 yiks ol 3 48 (¥ o8 Lo Laolgl 51) sl S VD 1 s ool titn elazal cloaSis IS
ileS iy cpl Bl Jl )3 45 358 00 03] (1035 g Sl Gl 3 393 (6 ) Gl (B8 b > liren
9 (ol Caben (lpl )3 (uSol S (o0 pitie S (s S5l G Sa) 2 45 3 ) el £ 0] 5
5 ooy Slilas uSol 1 @M Colo Gl 5 o8 a5 6yl 5 onl (sl luws 5 yilio
(Wer s g (g (BL8) 35,0 oyt ol 3 (o3bj S Lo

Ol 3l g WS o cllad gowwy yobots p iy el 53 j (6598 B9 o lylinl 5 (5)b0 (slacS b I (6l
oS elonl Sl slapyiih (olod a8 5,8 (ledl b e oy 395 plyide b BLS)I sl gyt Gy
gla Shs eos Jdoa dap,aly cpl il S bl saisl atsly (o )18 jaiwd ya8 ailgy o iy WS148 o1yl
i ol p il lyieds 1l 51 aSloind G S (sl 48 (Y2 VA ySead 5 o) (oolisio ISl
Gy9d claccwlu 530 3 a8 ooyl g 5l cawla )] 5l (S (el pyails o8 Wloas 85wl = eloss]
248 0 el €isilme sLad )3 ()8 B> ) cbo? )b pose (e Wilodd diu py Sl )3 ()9S
2l Bosd g I )3 (935 a> By S Cunlias )18 003 9 05 ditu p ol dlie G lgis s (WSSl pyitl

Oy 4o O‘?Su‘ ‘6)91;."3 3)’9> )lgw‘.yw LS‘)% u&‘ ra}n.\.b d)lif)lf)y;ua L;L:M;'yoj )ip )’1 A oveys ‘C)L’ Oﬂ‘

1. Affordance

2. User generated content

3. McCombs & Shaw

4. Agenda Setting Theory (AST)
5. Valenzuela, Puente & Flores



Y’b)w‘i b)sb‘\i0£c45l~v)%ﬂéa‘5lhuw)ﬁ £0

D g0 3b WSSl pyatly (o o] 51« Slib o pb b aS 5,8 o)lsl caliste )8 (gl o yiawd il zglaw
bod g lgimme 53 00 Jletal &) lacuwlus cpl g lo3)S" oMol Cunlow pl 1) 398 sacumlis (SOl ol )68
2,8 1nlg5 3] a5 IS Canlins bass g ] el
25513 bl a8 sl ogr Sl ity slacand 3 Sy ool Jlisar Sing (iagk cnl 53

Ot glagiagg bl JSiagg 5 cul pbsl gl S e 1) (289003 (659l ()5 Canliws 859 (s
G5l Cilo b g ey L) (655l8 B> (ol Sy o 59y e sl 03,5 5550 1) 059> (i
o 290 l 3 lialacig QB 3 1) Sl )8 goge 5 00d 3 et S0l 53 (il LS > o)
S 53 s Slles Gy (lid ) (i 1) Sl 390 Sl «Ban (al @ (olied sl el 038
Ol 93 a8 Jlod s g lPeil Kgilme (sLad )3 ()8 B I cibo? ik p9dge 3 Al (Slej B)90
SIS sl B3> 13 (sl IS )53 2l (gl o o (sl Sy 5 IS8T slocand ol 4 (oo
P9d 9 Sl 03,8 3 pod uSul oyl )3 (659l Bjo> ol Slg) S CunSS Giaggy ol A 4B «6)5ld
i 6B ol A5 o S 45 5 el 005 S yae (61515 5000 s e ISl 5y 5] iy S
ol S Slaal S lelis |y (b 5005 (sl sl sl By slaceg o Shs Wi 35 503
ol 008 Cuw b 0 5> ok

oSl sty 53 ()NS5t el L ey o Shy niete 2lolid g poyp @

S ilome gl ()l o> 5l cibio gdse b ok iy lsme o Shy olubis e

ol LBl (659L8 89> IS sl (gl Y jgtwd a5
45 (ilome slab )l G 3l Cilo £ad9e L 358 sy syl sla Sy olelis e
Wl AL (69l 0j9> HASCunliw (gl )5 Hgid a5
(S LSy Dsre 2ltre Gla(Sh (bl Al lacuy gz la S il jskte

 5lyngy 5 o) 295 e ]l Wncand (i ol 325 b 45 g e e stn 3 alglyd gl
L ke sl Shs osomen 3L o Shy (slal Blo) lacy )3l sla S slate (Y41
Clus ol Clue b by o Glss 0xigd JLid slass i Jlis slus aiile ()8 )8 olas

.CA.MJ] 9 LS)J)K

i sbaily y 0018 Jukxi
55y 10 g WS o puiitie elain] a8l glacus LB o 1y glonsy o 5 058 Jlaiie (i) SleMbl )yl

oolans] Blae ol 4 oyt Coglyl acdss 5 K59 o0 o30S (il & £330 by olaza] Pluo (551 b

1. Features
2. Shah & Pomerantz



£a B e e (6,158 Sl (535,18 gid yd closinl gaily o3I Com,lS

o eloinl GlaeSd slacund o sl (63b5 Sl oS B (Y YY ¢ 2 il g oS dg)l5T) ains e
oyt by (Yo YY Tlos o ) cl 0395 slain] pole (slaay o 3l ookl JLaie | Yoo Lol tanl 48,5
Gsie (elotrl laailo) glaodly Jlod g glsl ogad ) Clllas woe o it 0ad plonl Cliios dindyy
(YN S0 5 536 ,3) sl jides &

ol psle (55155 slaaie) ) (slaa] sbails) claosly 3,)8 jogad > Clllas oy i (95T
gpes ylas (Lo bl (YT ()LSan 5 1S0) csl oad ploxl jidg5 (eloinl Gl (59) g (olow pole
s U Cload o (sloia] (gladSid ol do Cond 51595 50 (ggl8ools (s dujm g (6 dypmyiwd
2l ool eomen (VY (S g S)b) 0,8 plosl s (elezal (sboiluy yuw » 0j> ol sbagingy
olomedny ool 3l gLy, olil Jlo 5o lal lbbe o sl Gl Jlo )3 52365 lj ) olylS oSl
Ve Ve y99mgy 9 ObS (IS ey eg)) Wit byl (65130 9 b sloinl wald (355 (b (sl 6yt
sl e eloinl Gl Sl oslisal gy ol 51 YoV il 3l g ogilng)s ualangiisS cogidilelind
el 039 Simgs ol a5 de ¢6y9lid g ple (o liS b d0l)E 53 o] )8 g aodls zl el

)l o)Ll elosal glaailu) islo (90 9 4Bl lisle (saosly Jlo 4 (sloa] glaail) Jdodign j25
L aas g o5l ol ylS g ams o by |y o gite cp T cloolSol oS cunl (clos il e Ml clois] &,
33,5 oy A+ o gl & e ndly Lolatn] gladSid (coy Limgdy gyl S Aslo g sl |y peliae ¢ lgioea
oad iy Vee e Jlo blsl 3V g 00 Sl ey o Cunl (gl drogs Jb )3 0jg (eloial sladily Jloo Lol
Degad > §dins ol )] clmosly comle ( elain] cladiloy oyyte o Slos Lol Cuvgas .l
(slidlyy adox Sl ealide (ole 8j5n cpdin o )3 Slojer e el sladile) slaodly Jlosiga o5
gl o lS (2lalil 9o gne SLaiBl g S jid (Sl < FanelS pole b sl (pulidanely
laalu, 4 by dy 5y 5005wS opd & Llg o cpl Casl odgy pdl sl Jls o clan! sladil, sl o
P 5 5o38) 3 5 (65> s oS T Ll (YO 5 15 o) 398 031> s b yiie bawgs loce
ol aden 31 (3 5L g ysS el 5 sogas Slods @) ;5 o labow ] 51 oolits] dlas j1 w3 IS (Y-
A o )8

Pl 2lagingh (slol cladils; slaosls Cua oud 03l dwg slaJdod (gubaod yogad > (9iSE
baogs 0l A slgioms lod,S ol Logad ol 3 1y Lo oo 5l odes dd g3 dayimgg ol ol 03
Jle glm) LadaSid (9,3 (slacadgzge ple Malsi g Luly) g (g Lagiteg cpsliad cllusl (Jle (1) )8

1. Agarwal, Gupta & Chatterjee

2. Lee & Chua

3. Fernando et al.

4. Park & Kaye

5. Zhou, Bandari, Kong, Qian & Roychowdhury

6. Stamatelatos, Gyftopoulos, Drosatos & Efraimidis
7.He, Zha& Li



Y’b)‘»»&‘i b)sb‘\i0£c45l~v)%ﬂéa‘5uuw)ﬁ £4y

gladlo 3 (YW VT 5 o i) aie slon] slaaili )3 (slodls guin 53 (Y gz 5 o lojl o3y
dnwgi (eloial Gladls) loosls jl cuslio 5l o sl e 32 (e 3509y b (S50 sladelos <3
Jlos cla low ol 30 ) 2 ) S slaa] sladiby o) wlie g Slolus] Jlod ol il
Ol 5wl 035 )|, SKiidghy dn g5 Dy90 aliee Blaal b g olal o cloin! sladils, oI5 lie 5 Glolus]
oo el 03,8 s 365 oty |y e dod 3l i &S aeloin] (sladilu) 3 Slolus] ubow slaojss
b jasuls (5 g e «ute) Conhad Lol oloj Job > Slulusl (b3 (s ol sl las )53 5L
o edtonisy) (sLmodls (sols yigs 45 Sikitne liies 5y pb |y Sluslua] (6 ,Soll 5 ads 5 4US 4
slaodly ggdgn ol 5 (Y15 Gl g glolr) ol cilisin Clegdgn o)ys oS slajls 5 lal) i alsT
S (oo el b Lilod plosl e 1) yides

A Bpo g b Siuin gaw )3 45 Slosls dnwgs 9 (2hb 1) (6350 Clolual anail 0298l (i (55T
E95 A ol LS o 1n3 a5 laaidly 135 o oS lag] T bl ol (sl & a8 5590
o) g9 «Sg) LSzt ol (glixo slocSiin o315, b dlal, Aaciussy pline onbad 1t Asie oMbl
cslie  lixe 5,550; ¢ odly (M Julosds 155 (gl 45 amd e b5 liios slaadly (Y10 LS55 g 5
dsgedne sl yidin (BULE 3, S0g) 45 Jlo > wmd e iy |) Colie I (lod i b g Cunl Sicalia
(VV ghler 5 i) ol coslio ol (e9590 sladsgone b (s (slaodl>

plosl (55l g ple (oISl bjp Clegdge b b ye slacds oo 5y (ol Claios &Sl L
3 eolaj o (emgos S jmogdle Sy A o5 (65513 5 ple (Sacunlow 8)1)d ey ol 43,
la oo slis po aS Sadime | Sidghs (Yo V) )Kar g (J) Canl 03,8 Clo 05 4 1y &l o]y,
Rl g iy (g S (plbize g LS Cuslis gy s s e slol ladils) (IS Cuslw
053l L 553 53 oSl 350 slash 4 oo il osloin] (cloailis, (glaodl (gl canlio clo lios
L oy eloan] gladiley slaosld g

o Lol sl Lelois] cladil, loosls ulow oxioylSel ddllae 45 (Y+¥Y) o, Kan 5 Jlg,S]
Lo 8 58 505 0, 0y00 ] 51 g5 oo dadlingy Judos (ly g 5,1 3gag abasly L Kiiian ¢ ladlaygy oy a5 aizily
dgieo 1 (e Sl Jelod jl odlisial (ogad )3 (salpd Slgiice SingR (nl Bonsts sl 0391 YS9 SloCans 59

Oeile glaanadb wile gyl sl b, LS ool (gl sl 50 04,8 cas u_cLo.o] sdsls, slaodl

1. Saif, He & Alani

2. Irony Detection

3. Giachanou & Crestani

4. Sentiment Polarity

5. Wang, Wei, Liu, Zhou & Zhang
6. Big Data

7. Semantic Approach



£9A B e e (6,158 Sl (535,18 gid yd closinl gaily o3I Com,lS

5 SiLs) lbus! J oo alen ) cibises cladl6)s & gy Sitacd 5| olar S ¢ iy oy
53 asleals (i 1y 365 caialsy (Yo¥)  in) 5 lony ismty ismsile ¥+ CissVls 9 omy FoVF ) Ko
ol 03> L 1y (gjeelaibye 3, Slas gy Situod Mt i35 (lacun (990 (Abab §jp )
s | (elanl glaalu, slodls e Julos b dgalye 13 (38 (oboylpl (Ve7Y) (b g (2SS colaY
elenlgladilo) 41y o g o aS cul o3y @l)) 1) GleMbl co pie sladpaly 5 ads o jimgh ol les,S
2 odle 63500 (il e )3 iyl 4 LSS daginghy (pl 2y Jlesl (o)l sl (ol slajls (bl
Lo iagiy ol A8 o oo olaiz] ple )3 oan] wliios (ol wre L olgieds a8l wlosd joxie 0jg> ()l
)’1 S ¥ Bres u_f)b 4 JJ‘?J‘_;O ‘ML" Lg).,.fbl.;. L;Um.i:.l.i.? b u.clo.o‘ f:?l.c dLam\g.).Bj d“‘d" ¢9§> &S L) e uL.uJ

S lgen dines cpl ) e pley (Sl Jde drwgi (sl ]) s 9 298 e (sloal slaony

Gl owlw 40 Sl saile ) sodls jf soliw! s I

Sl g ogad mo > (W] Jls I glacgorme b ogs 858l (55)] pogdhe (sloa] sladil) (slaosly
2 slein! gladluy slaosly jloslaiwl gadge (39 s Sl aigalae oges (isu ;3 0 piuS balaiuwl
Okl slaodly oS 5 4 join (Jab Slidiod . wlaisly y 05> (pl 4 (Sl slaginggy 98 syl A5 Cunlow
sl gais Giio b as S8 Ll canlw 4 Wilgh o milio opl 68 4] g (g)ld8 cunlow 3518 b Jluzed
S92 (loil sladilo) 3 o gala b Jol gl (pasuto lacus 3 o STlosls (L5 (B angi sl
Gl oy 15 e el ot 5 (i glblbee g bL) (V30 (lglay 5 (09,5 «yge) 351
laasyd b bl il (VY liSen 5 poslyginablh) 23k S p alle IS b (sadles
olbbre bwg a1y men slaodly (pl 59,9 (sdiedgw Jlgn U b plo o gyl cpl 3)50 )0 1) coslio
(sLaangy 3 Vyoan cngas slais 1 ogd i Sl iiS o) (3 g My (oloinl slaaile
@)l) )l Jloay ol whee slamaena b abaly 53 STy g5 mrew 4 9 3,15 0 (63b5 b (5l sl
LoV Nl pleSasy (oIS STy VY LS g STy e

1. Support vector machine

2. Random Forest

3. LogisticRegression

4, Shanget a

5. Rgjabi & Vaavi

6. Mazoochi, Rabiei, Rahmani & Rajabi
7. Lahlou, Fkihi & Faizi

8. Murthy, Gross & Pensavalle

9. Panagiotopoulos et al.

10. Barnett, Burningham, Walker & Cass
11. Walker, Cass, Burningham & Barnett



Y’b)‘»»&‘i b)sb‘\i0£c45l~v)%ﬂéa‘5lhuw)ﬁ £44

5 Olacaslos gl JUIS 23155 o0 olaa] sladiloy & 358 Lty ol LY I8) ol 5 ol e
(718) " s Szl S gt elain] Gl §1 i3l gl il g ol Bly) 0 A5l gt o
ol & Kgd e e (o908 mie Kpages plo? (a5 gzl n L sl ol oS WS o JY o]
5 =5 (g 2 355 gy 53 (V03) TlLSen 5 50y 0,8 oolisl ages adlie dawgt g 3 g
L b glmodling, U ladye (il glyscul cas (690, (63,505, U Wilodgs yider (slaosld (gjleyguno
s sl o9 elocal (sl 85 425 o ol 395 (2ag3s 53 (YY) S5y 5 b clngignbly ims
0 (6ot s MBI Lbjyl bl d siaS o3l gie ol 51 Ul sl 0392 oS S (sl sl g
Ll

5 b @Bl 3,8 oy ) 95 SN Gl o S 9 555 53 58N ) (V4IY) (S SL
pomtdn ol cntls sgmg sl i B3l 5 5 i 6l 55 () ] i 5 o8 I3 5y popie (585
JSC LT 48 153,8 awypr 9 5303 )8 yisigh (selain] Bl g cgjlme (slisb im et b )3 1, o)) migo
S b ] e 3939 4 Sl Ol wSle cpidgr eloinl &Gluy 45 18] pum)y Hos

o elazel Gl ()l Lo (slo S o aimo oo (L 395 Shmgly 1o (VoY) GhlSar 5 oozl
S L) oS (gl (Stly pogad 3 1) (saiedd)l Oledbl Sl oo by 5> g5

ooy ol b5 Slaseie g Bl e yidg > Sl 900 15 latiS gy 4 (VoY) o)Ken g glaY
15 latiS ol )3 45 03,5 (65l o VoM Jlo )3 1) (oSl 1) & 52595 Pl gl o 5 T L] S oo
Dy ol 03 sy SSl)S e

g ol il slacdyd bug @y oy L (elein] (sl 48 conl in (V414) “lgiss
2 asdS JSs olelonl & WS |y oo dgl g o wpdy (slal g b oyl ye
A8 gl acdgs elol Clgiun (13 YU )3 Slgi o eloia] glaails

lb“lw) 6}'“}8),&“@ ol %
as Ngd oo i Sl uﬁh”")‘)'f 4 dxol> alisee (gbrog S L;L:bd..'.’.w'?& OT P& Cwl galys Gl I5wd paddls
9 &l Gl (1938l o) dagi owlow )50 g Sl (o Ay ddlllas daJlo (Lo 8555 (0 5115 (o S sl
59 u_x§|9 &)bb@wwum)mdmdlmw% ol e Jb ol b sl 00,8 Ll 363 4 | cswlw pole

1. Drissa, Mellouli & Trabelsi

2. Napoli

3. Fernando, Diaz L épez, Serban & Gdmez-Romero
4. Panagiotopoul osa, Bowen & Brooker

5. Gintova



5 ddsie lalllas L(VAVY (gL g 5205 S0) 5,8 anled a5 oo |y gadge (il )5/ cblre bawgs ply il yo
N5 @la 5 (ol psle )3 Cunl 03,5 3ol ) (cages Slacuglsl g by (oS Laily) (o pusl oo
el «dgd) b ()03 55 &Sl s 5 irog sl ol 3l sl pole Gliadily cusl (2l Jue
D)1 35505 150950 (owlao Jolgs podas joboay o wlow pole 8595 JIS )5t palald Clddod, WS g0 oalaiwl & L
(Jlte (sli) 5503 (ol S5 b & (oo e Jlto () ol (ool S5t S5 IS 5200 5 Bl ppua>
a2 bwlgl 3l Wlais joloay ylagoee g oo 0315 Cuns B (slaoygd 3 I8y 5mwd 50 iliie Plwo b (jores )
s ol parle (Lo (6)Laxdl (5jbcmn; I3 oS ol sladaliy b g Slbl)l 839 o), Kimgsy 38 58
Slodgy Golite Cladllas oyl uls ¢ Jb cpl b Sl 458 Jolai opl sl cuto Clg 519 5 b 3yl Jolas

bl Sl ol Gy JUides jgi ol psle Bjg> oo 5 bl )l 8jg> (i wo oS du) oo Hla5 &
i) ols Lylyd dy Cov F 38> yaboar b ALS oo (e |y slies SIS )50 ¢ r0 (sloails L] &5 stz
w2 29290 Ollllas duslie g o)y 4 (S pl 3 imd GRIBT) (wlw Pluse @ 4295 15,08 (rex
2 3l o il a8 00,8 bl i Jlo O+ 1 i o 618515y gt dalllas Ciws )18 s s ol
ok b G 935 )l ygiwd ) dlasMe (gl 393 il Sl g diepllas SIS )55 4 Slegdge (13 VU
S8 )

bl (b IS 53 53 1y (595 (slebbiny 3B o 51 o Loy 02,509 () 53 0 sl liios |
d),,ﬂ_,",m ST Ay 50D (B g Nl e ).ul.’ & (eolaay bl Cund a5 Ll )»b o4 S aidS
8,5 oo 1y (asdlite el g goite Slaind guls opl g oo 465 &S Canlxiy] Jlgw (58T .055,8 ¢l |,
Dl o pasuin |y ol Cldlls oS 5 ol wladss slb ol bl jha a5 5,5 kol 30 0

)AA; )iib =3 Lf‘)‘.‘ Lol sl o Jﬁl»m > dl)g sl USQ.A AJL») :J)]J d9>9 Ao ! ®9d

o9y oled 4 Cul (S (awluo (gladol s plad 1y )1 D39 (cwlwo JI Hoiwd (6550510l 5 Ol (pow

sl S yaio oo} )lee Jsbo y3 s ,53B 5 LB Gloj 2 cipbons IS 5000 s Sllllas 1 52 )z
WS o s |y pyles b Ol bbbl e b bl o ¢ Sloj 0yed ol by

o=l il 03, S bl ) Salate Bains guls B s adss slag,b ol bl gl i glads S
5w puals 4 S Conl pl bl ool 0S8 slul (o0l slacuglas s pl ldllas o Wilgs o Ol Hles



Y‘b)w‘i b)sb‘\i0£c45l~v)%ﬂ.&o‘5lhuw)ﬁ 0+)

b daoly plal gl bl b den didion 0l (St (0L bl 4 5 Cusl by piie daailu) lawgy ol
Ladiln) bwg oges )85 Slalllae j> a8 5> polie (sleal 4y (o0l caalids ool pl i delue baailw,
Oy L 4508 o (s cagas IS y5twd 3)90 53 c(slilioy slaply AT s sl Shy cunl 0sd ke
ool (1l ladlis ojlasl ay ures (sladind dan s b 5,38 o 15l oges slacuglyl p claile,

B3 wliig y
A8 3yl aad gl ol s IS sl B9 53 I8 90 s & )lai g b Gogad 3 3950 sl 4 a2 b
L by )by (8 (6)5ld 855> S sl (sl )53 (i )3 &5 05 plulid |y lacdys ) la Sy
oimgsy Jsbo ) Sl oas (M5 g oad a9l o )3 gl ol melao 1 S ya iy i ¢ Simgy slao )5S
P9 bads il ol ol
Sl olaoyliS 4 dnels alisco (slaog,S cladiwlys ] )3 4 Canl (cuilh IS g1 malas 1,1 giwd il
b g sloirl lajlis Sl Slegdge wuld (pl ) S (o0 Clr 353 4 1) IS Cuslw 4297 9 Lol oo a5
S 50 )l)8 Sl Coglgl
Lo Sy Jols (slazl Sl glacuy alye sla Shy i slboia] Glw) a2y bS5
5 0Ld) d9b e gl il Lty (e Jelodign jo b & sl g (0 loj e ) Jlgl8 ¢ lus] (5L
\RARISEYY
ol sl Sl gloceng lislo slaShy isloiel Bl gbcuw sl b S5
Claus Ly bdye Olxdgs g JLid 3l oS JLis slass il ()l )8 s L b ye (2la Sy
ol ey 530S Dl iy e IS

Ol Seilotus j9y0 hgydn e 13 S 5003 Bjg> (Sl pimghy dindin (g Sl Al yo )
5 o S eyl ) (IS ) j5med bl b bty (sl Shg (nete Al ye (] 53 D (ganed 5 o)y
Sladsye ol o il 039 aodly Julow (gl idgh jl als po cpl )3 oolaiwl 3y50 gy apd Judoo s olwlid
L sl S inggy cuel 3l b sl a8 Jgl Ao yo 5 s 0 o0litl o3 s sl (slalo o i a6 oS,
sl b (Sobel g sz S & | laedls sl Simgly als po ol )3 95 p5lid f (glad o 5 Ll lnodly
ol a gl oo slaaS Slogl a8 pgd oo 13 5l 3g g 38 o lmedly )3 tigg (sline (S g
)l 3929 (e 3 (geude 4 b Calpo o5 WS QLulid |y olaaS g Ml (S C)gon |y besls b Siiagg
Pl il sbas Al Sodngh wwlaadgion olwlid L (5 sbaS oz gl &5 pow dl>pe
S Ao g COye ()5 SalS Cg )l

odd (& yslans €l p)l8 5l ciluo? ik b basye (claojlosdlS 5 5565 b imgi cpl ) o3kl 550 (laosls



o+Y B e e (6,158 Sl (535,18 gid yd closinl gaily o3I Com,lS

o0 el T35 i 5 peisjl Slaws ¢ a5 3 ¢ ey w5 e oz bl ys 0032515 ,5 (lacudsr sl
5 &2 Loty daoflaads 51 S ya D wddisyglh S USs slacedp adgl Jdos g gy 5l o
A8 Bl bojlaadS” (e (65 oty

slacsy OLowl gl dedan () Cusl 0392 iedan p93 I Jleinlpns (imgh cnl 3 (S 900 )
e L5l s sl 0 48,5 )15 )3 e zse sl Byl p3e1,m5 s Lawsets jlre ¢ odlitl Lasli
Aly S Jger8 bl 3585 (liee 23,5 o3l slire cnl (9 (5 4 (a3l lacis olelid e Sed
Spduise 3l pissh olus g e sl i dlas olayoed I dgis

S Slan aoy g3l (2l 295 e o3liel (bl (s sl 0geilil bl BP9 Il pwien
Ll J.>]9 O Li) 2 U9Lb.o L)L°) 92 ‘)lﬁJS Li: Ia.wy 04uWd L;JL.»LW: dJJ?]

g slasl
2 Sl ply s 5 00 it () (glmosly j) clablons podge b Lajo slaund cstmgdy cnl 5)lel dnol
2 35505 b o] Blobw 3a,b 5l e yimg ol y ookl y90 (claodls ¢yglaie oyl (gl canl 039 Al Sloj o5
sl 1l singy e Simggy ol sodly (6313, el ol slaeslaadsT b (6515 Lol (slaoslpals
coolwl ol 5o Kool d o yiwd? § € )lS ogad o P Kool (6 IS Cunluw? & ly)lS 5 coluoy laosl
3l iy 315 Jlxe Slon bl o] Blolos 3, 51 odig)913,5 (clacuder b (cy9l5)5 cuder YYIAY slus
Loojlsuls’ 5l Sy o b oadis)5l,8 sl (Slghd \ Sz )3 50 5p0 D95 im0 g il ol o)las

Wojlganls’ 51 SG po i oads 91,5 oty Syl Vg

- 5ty e S
3 53 RV
9 S ) ol

Voo Yooo Veoo Voo laodls 5| cdailoce

Yooo Vooo Voo Yooo Al 5l eols
Vooo Vooo Youo Youo o3y (gl cunliw
Voouo Vouo Youo Youo P pogad ny
Vouo Vouo Youo Youo 030> &y g yiwd

1. Like

2. Comment

3. Retweet

4. Influence



Y’b)w‘i a)gb‘\i0£c45l~v)%ﬂéa‘5uuw)ﬁ 0+Y

s e jlas wlol g e Lol (sloolgads 51 <oy D ordgy9d,S slacusyr ad by a5 4565 o
Jois 55 10l 3L Liodlad s 15 LiSy \WWAAY siyld ol )3 45 56 Gl ol (slao3lands 1 Sy m d

'\"‘SG" odnlin I) Laaojb..\tlf )‘ S gL J.:) omd)BTJ)f <SS L;Lb:wjy u';‘?l)éY

Wojleanls’ 51 SG o i oads 9l 5 Uy sty Syl Y g

oy 83lgauls Saxs 83lganls

AT P ogad o ¥Fan osly I cdadlre
Y 031> & (g d YAM SlS 3l oo
AYAAY Js YoOF o3l gy liS el

298 plaBl oSy e & 1l daoflodds 51 Sy pm D addig)9l,S SBSy sl (alolid 3l g
AWWA-Y slass Egome 4D gl Bl L;Lol L;Lmajls_\._.,lf O Y 3.}.&&;91); sbeds &S sl Y uuL.u‘ u.;‘
B Y g 53 el LS cdg WASY ol imgdy (slel dnols o b s b (9005 By sy

.Al.{u;o o lin I) owd)sib)f LgLSq LSL“C*:-C’SS

Ba5 5913 5 SISy gyl Slglyd FUgur

dlaxy 85lganls

A osly 1 cdadlre
YAVR Sl i cils
YOvs o3y (gl sl
Yy 031> &y guw yiawd
VYA J

0L oy QL gl diedan g sl Wadan g9 I el e Gl ol 3 35 90 )

d])_; .)3_04 u‘)_m «_:L’xul J.J.) W M)f )Ly )2 .)9.0.; U‘)“"' )L;u: chu.:}?J U')?"L)”L"’ umw )L;u: 9 a5 oo laiw!
g 31355 1515 S Sy bl 3585 lin 39,5 a3l Jumo ool 0331 (oS5 0 sl slacd ook
a5l 3585 liie e ¢ bl (pl ol onds (o yai € i 3h dlasw dslg dus BgMeay ¢ )i dluss asly 90 5eMeay
suae laicas Ll gy ey dea i JBlis yimgh cpl 0 pd e )yb i3l olaw g yad Sl i
Sl iy lawd (gl Voo o y@5 dae JBlas 805 a3 > 4 cgadge pl o ol ond a8 )3 Jla 3 Fe e gl
Yooy il ola g sl i ey Sl sl (1San sabobl lacuss Sy STl il ol g Hlas
ol 0 48,5 (a5 55 CuSgh YERe (idgis oyl odd6)9l0,5 Dok slacsy laise bl oyl ansl azily

S oo oamliie 1y 0056913, S5y slacey Iyl ¥ a5



o8 )91 5 doiyy S Cudgi Slylyd £ gu

XY 85lganls

¥YY aosly 3l cdadlxe
AR ol 5l colus
WY o3y (gl cunliw
Ve 2 oyt >
MY 013 &y o yiawd
VA Js

laplyj a5y cbges Lo Sy o 3 08 Pl bl () 4 il Bgil g (SBT3l g
WD Bl oy SaCuigi 0ye) il dacadsl cnl Wdg 0 5 (2l 93] (8 (el L5 Cgmed ()bt
2 Kiah blo Liges iy il 3 ol 4 Widgy il Gl iy BB (B dedig SloCS o 5> izpen
ad Blo oS W39 badye s (plise Jlai I (S diged oty o > ol
s Line g Lanygod e c0lj sloyilid (bl bacadsi Sl (oolas Bl g 398 (Slocadsh (o) il o
38 0 Joaz 3 cdl (el S NAEY @ (iaghy K908 pox> (el cpl 2 el odp) CSG VWY & ey

S o sl |y (i diges

Oy R diged Jlgly8 .0 Jgan

dlaxy 85lgalS
yYY aosly 1 cdadlxe
Y ol ol
A o3y (o)l 8wl
AVY 2 (o9t >
2N 030> &y guw yiuwd
\asY Js

Al piiie plaie ()8 Clus AFY (gou jladid)S )13 ingh digel 0)0) )3 & (placudss

pU lgime Jelo 5l a8 Sloj ¢ Jgame & jgoas cansl Wodls Julos (gl (imgly ool ool )90 (39 03 Jolos
o o 5l & Sloj Jgene ©pgots (Jlde A )3 Cuslgine CiaS S 505 b sl Julod jolate 29 o0 03
Ceslgite CudsS 3 o3 b 03l Llod jslate 95 00 03 pl

Losts b SLLT
o 04 d”]b)_? L;Lmobb L;L.a.._el ‘U»L..:] u.,‘ » ‘u_e)f O ygro (Ghadiwd 51).3 o)y dxlllao L: OL’°)'W°° n\b-).,o u"‘
el Se aiwd oluwlis 48 Jgl s po 15 298 Jols dlsyo 93 )3 ol b olusl a8 5,8 S Jimgss ol

WA (gddiwd g ddlllas iy



Y’b)w‘i b)sb‘\i0£c45l~v)%ﬂéa‘5uuw)ﬁ 0+0

0 98h0 ST (s

(e yySa Gily s L b bS8 S aslllan 300 oS uSa 3Bl 53 008 (55135 (slmosls dls o ol 53
oo olais lixe b cudly g3 e 0 Colpod a5 olaodls s po pl 13 0,5 S5 adgl ospte slaas
9o IS OYFY 0 (¢y9l5,5 claodly Julowi g qwyp bdd s 5 ololid ogpie slaas LB 4> il
Aol ddsl

Ll gho ) j (md
LSLQ’FW lc)..\_ul.o.: ‘_rawu))f Lglib.&_f ;Jls )9 L;:l_uw wl)ﬁ o> 3 ;owu;L»Lw uﬁ}Q‘QA dL&vJS 41>),o LJ"‘ )9
P50l 4o a2 g bl el b s @ly 0l p (eges blud s po (al )3 0 G5 e 0l Lol

RS J)|9 Laosly d).\f.\f .Lul)ﬁ LY d)l).).‘ S>> C)il )’l cl.mu..ﬁy ub) L ﬂ.\f.&f d)bLe ub)

L gio s

o gl (egrie sl slueyy dacdy (e 3 oad plulid BEVAY (sladlgiopj (pyp LI5S dlopo pl 5
dsle g (oele ote )3 apadld Culd g ey (e padd dadlgie (Lol )3 38" pla3l lndlgio 5 (gt
Ly HSSS adonyo ol 3 it ololisd S0t (slinel S5 & g 3 ki Algio OF Al ya cpl 13 28,8 5,5 slens
S & sl cogrio Lo g adlgie ) (Sliwe daldyl (o ) o plulid ABBY sladlgio ) (o)
lniin plas e 45 15 oo sMigS e aalgio pline ST bl S 5 el plulis 13 5,8 pludl Inagie
5L ool 5l cdsbloce £odee

Lod1d CudaS (w9
sl 02 o2latl 03 b jased bawgi Sddgh Sy J S 3ymly Sl agh (2ly) b lp dope ol
g3 oz )b 5 olglie B 13 pol (iagh (wlilBg) 5 (=gdge disej )3 0pd Sl 93 5l (3 o0 L
baadgio s CLowl Jold (cwlidline dinej g}y ik (slinl 51 S o Sl ol (olid by dine
sl 045 (3l gy gy 08B alolid (slaline Jdow Jolds (6 yudd dlrej g lada dnelsio

Slaen 103 903051 (Ll sl b o3litl gLl oy Sl 093l 2l o) 3T Aol 3
O 39y A cyig sy cpl ) Gl g i S > wiglaite ylej 90 0 NS S bawgi oids  slolids adgl slass
Al ye 90 b 3T Oyao (AN dae g bl Cdei Voo Bolal O)god iuel ddgl ()15 S ]
LSV s ol 3 &S 0 lolid S VPF ob gy )55 5 Ll (1S Aloeo b el e+ (g (5 58
Candy W Sl odddnslxe oLl Moy (905l (2Ll Jge b Gy Hidgr oad (plulid (6)S5 &)jg0u 5bgd

A3 e i 1y (613808 ;5 YL oLl a8 sl

1. MaxQDA



0+ B e e (6,158 Sl (535,18 gid yd closinl gaily o3I Com,lS

s slbas XY VA XY
bl deyy = = = ./a8 (V akal,
laas” Js Yai

J_».:Lo L;o.a.bl_é.o c}-a.’ C\Jl_aw.o dubsjf ).) Lﬁ.}g d..\.a.ft\.%.‘o ..\.u) 4\.;9).? ).‘aj ).) ..\5 u|9...c.4.3 n..\J..\M.’ C‘).’;h.w] Lbk/u.uj L)'Uo
(e Lo Sy gaw dz > Laadlb JYL aw 53 35 bl ) g s28 S Shg sod S Shg
Sla Shs o Cond po e o s pylS 5 e sl Sho « S p e b Shs s par s S
35305 5] bl 5Lo g aise 5 brceud lsiee Joli Lol slaalgio scole 5 izh S JSi 45ed 1 (itno

Gl odds SLALF gla g o &S

g (W S g — bdlsho g rald 5 mudlie B ;5 LS gabdiwd T Jgoa

(1nsF329) o5 bl (ko e

G (e g Olgis o slacalis

paSle porde SO L glie o canlid

alex yo (4o g Gloie (o canlid

: wlye s Shy | e slgme
lyte SlalS sl

lie SlalS 3929

slate ©lelS dg2g

=1l O eanlie

e Jged

255 Rlgp s Shg— Ldlgis g LalD 5 paalie IG5 LS gy aws Y goa

(1n 5 529) oo . (bl dgis

s el Job

Ol Cowypd dlawd [oads Cunw ppd dlass

Camidg Sl

o g tiadde 3lass

o ylo Slass 5Silio /laylo Sl | )8 gy sl Shy | e kil

S i ol :Sle /)5S Jis sl

Oliwgd i

Sl o Aol (68 Sl L

8 ol bl 70 )b/ (6 )5 Clus e




Y’b)w‘i b)gb‘\i0£ Ldu)%ﬂ-\adhw\))ﬁ oY

(15 5329) oo bl skl dgis

2 i

P

sl la S

o o3yl slo S

obw S

POLREWLIY

[Xvvepy rnl}

2 2,84 pastie dwlids /43 )8" dwlids

25 ol skl

Cobes duliad

28 Blgy 13 5 b (Byme 355 2929

28 By > URL 2424

ﬁ)KWPU

URL ¢,

kol slgime 255

2 slbsSiin cuus

Cedgijl oy

8 5 ool Ltles ol

225 el g S iy - bdlsho g LAk g pudlie B ;5 aS (guly dwd AJgaa

(1 F39) s bl (bl s

Sl pydily ;> Sl 4 )ollb s

by Jl ol )8 el jlel

28 8 sl 1)l 3t

Cadgiy dlas wlwl o )8 Cudeish

SO 3l bl )8 SOV 28 ksl b (S by digej

2 Slolus] Ll

2 clgi el

28 lel &l el

1o 916 & bty s




o+A B e e (6,158 Sl (535,18 gid yd closinl gaily o3I Com,lS

SIS S g - algho g Lalb 5 eablic B 53 LS g4y dlwd A Jgoa

(b S ) as ool kol o

HLissl Jlages jd dayd Hlde Sl

b Jb Cons

St Co 3 po (1WSike

Hisl Jlages jd dayd lawgio Hlade

e (2 olsS (ke

Hhissl Hlages jd e ,S dlass

NEE

SIS pj npS)yp » cdy s

sl Senl

ew Kob 4>y

P S ye

bl 5 Wo S sl

0,5 (83959 4>

o (29 42y

Cdgi (29 4y Sl

Slued Jlas)

ool Co S s

Frdasd pdls

A iy 0)F i Sy

, : ssle o Shs oy Al
A > o0 Jlnly ol

G 5l 2 50 45 o Sl

laoS i dod dhol (Sl

23,8 e 1y (e 4L sl slp &S olacSy oluws

38,51l b yte 5 Bos

Cadgny b slacsy slus

Cdgy i ey Cund

s /gy JS sl

sy, JS ol

Sy S & gl J5 ol

il olsse

wlaslis Syl a1y s dlio & (ol onis aoli ol )8 slaw

d)l.c Olﬁ)lf lday

4 o)l ol

s 9y 4350 gl &S Hlacser dlaws

oot Sl

Cal Co S yo Slas

S3adg s bagle

o515

o329 oy CofS o pSh>




Y’b)w‘i b)sb‘\i0£c45l~v)%ﬂéa‘5uuw)ﬁ 0+9

(W55 ) LS e2lio kol dgho

S5 oS pe Sl

[EYEATWALGURE

Lozl dlass

S T dlﬁ:@ 9

Las@.:l; o)'l.b'l

S 5 o g Sy
55 5 o> ) Slod S by ol ¢ elainl slaaile) cungione [l g @y dsgi b 3 sl Jsb 5
g5 Olgsas lye I (S p il elairl ad lacuny QB )3 bilgies (nl wlodg: 398 (slalyxe
0951 )l e (glaojgs ()15 Cunlas g dnala 931,31 g9y (ree glajil oy cpl 58 3 S Clew )
Lo ays0 sl sUly S g o liS el wls s loicas cloinl slaalu, godly s el
Py ol 48)5 15 050> ol Wl I e 4295 3590 cmled lgieds baodly (pl I eslatul (sl LIS Cusliw
Jlod olsl el (lml 3 ogad cpl ) (eloinl &loy slap ity cpl o fete 9 23l 5| (S (oS
Jolid (SIS 5 o) 08 b i ol slo Sy cingly Dged slacadsh (s, o0 bl Sl
e Ao Slegge 531 o)Ll Cang (20 & Iy lgims 255 0 Iy Sl dlej 9 glimo slo Sy
bps alox jl egaine} [yls b o Shag olol nl 2 D50 Jold |y g Cuny o090 cluluo] (gl sy
L lixe 5 Sy Jabs amd o (i |y o] g sl Siag 5 oM ) ol b5 g ool o558
S s |y e olae g Uyl ey Lo slamgSIl 1l oo eyte (glions 5 dubo cleMol g et
S5 Slacany slzms 2l )Ll (b b5 (oliilion 5 LS Lo ¢ pull (slaadlho 4y (olas 5 Sbj oS
lp stiadsyl glie lizan (5925 5 S5 Sl S bl 98000 105 Gl )3 3k (6)1I8,8 I 2
5 oline cs9d slb 559 4 lgies |y oyl g Atud (1818 52 Cublh g 3b5 (6,8 i b o oo
28 il clolesl e o Shy

55 Gl S iy et 2 ol adex ulide (ol wre o Sy plod 4 978 o S
o peladl s @ (il Sicuws ol Glacudgrge pads o 2 M (il i n 3l wlole
VY G006, 5 (Bgasl) 390 i pai o] (Sline g Ol polsl 1 colS” ] 4y bogyyo S I oS (gla sty
cpizmat o Lo S g I lojls 3] abul wilo SleMbl (glatoly ot sl ams] slacadgsgo s
Caol i 3l (o33 o

@S 1) LS (Slgiee gy 0aiiS sl (pased 425 o Gl g )l (i Sl (2lae s SR
5 Sg) 48 e o0l IS g > (gl ool Bl nglie ) el dgime (BaSslon) (e (o 8



0y B e e (6,158 Sl (535,18 gid yd closinl gaily o3I Com,lS

A0S lodds JScis S5 o) plas bawgs 45 situad oigsS wlolu] y it (sl S5 (V2 VA oS
o LS gl dde gy Slawlua] Jodow iad o lid S o lo e G oSy oYL aaw Ololus!
L poglas (V)AL 2950 Jitio p MU (olaia] (sladil) bauwgs o ol glmossic g 555 da ol
OlS 5503 s o (68,88 i b ot 8 b S Cledbl lolid (sl s 5 )3 29250 slagiyg
Syt )bl sl Sy g o (sanab £ 93 4 LIS bty (g slo Sy s ege laails Sl
iy (sl Gl Slasutio (3,8 ST S 2 (e (slo Shy Baa sy Slgime o Shy 9
ilel S sla Shrg Jold S 1 (o sla Sy ol D9ty slalgize 5AS it (118 (4l
Lo Sl lols 5:0lee L sy liad Jlte (sl i (oUl55 la Sy 5 olisy sl slo g
gy L Lnaals olass g 5, 15T )l ()l S o (ylibgs oS (sl Shog Attt g Lo Jib dacibio
wdie o SIS oo w [ 16Sle ¢ )55 glaoled uS5kel slani « 55 Jol gy b ladS dliss o5y 50/ S o8
Dgd o Jolis |y g

Ol eaload sl S (58 slaclus (plolid 0308 jobay ) 0 (e sl (S
g Mt (Lol)) Gladlpd sbolus b Solie )5 lachue 384 paie o Shy cf Sua L b Shy
lolid (i Lo Shy ol L9-b e (sdnaitod ) kel b Shg 9 )5 gy slaShy 4w 95 4
RBon o Sy ad mre S 58 )1 gt 53 45 )l Cebl g WS o0 150 ] 4D &S Dgiiy Sy
20l S pb s lmosly ¢ oLl cusdge Ml gyl Clas ol asle )l Ayl SleMbl Jobis ¢(5 )8
y ol Glas 5Ll 5 150 )8 jluel sla Sty ol 0y g 3939 pis b Slbeudgs ) ol pac b o
ol Jead ol § g LS Lyl g g o S epyl8 5B Slital po)l87 el Szl Jalis g 038 0
o=l S e ol BT Bl 1) 355 Slagelast g b las iy oS lie pia izl anlys ) oS Sl
1 iine sLa Sy 4 ] ldllae i o 4] lales] Como b daly )3 1, ssie (sla Jiiams «p)lS (slaginly
lalgoe e is s Slos g sl Cang (Sl G Shg 9 blss 5 (lm g (e GBSk S 290
5 Ceillie yles Lila cmd o ol L3l 4 ) ololS (olo ks (oS ) lngs S gudge 155155 50 (355bsS
b Al o Joalss g 55,8 lgie @i (59Nl (25 uSain (sl KB 2 e (sla Sy 0
63l Lo Shy 2,5 (sdiegS oloj p e slo Shy 5 )l o Shy @ plgiee | gl 5 Bloss
Ol (obej 2 oo Sl Sy jl riomen S a8 D9diy (slye plete Lanl (598l 8Ly 4 Wil 0
lacu el lolis dly 53 slo Shg gl 25 eolitl Igms 018 sl Jluol )8 Lo (41
oS oy p ine Slo Sy g o3litl ol 392 a2l pdans (31> L5 (5l Al oo g Mt D9 9 ke
5 gl o o DS weiginy w31 5 g ) o (o MB35 Wl le g oo o3lisal Ygoms
g L] o ¢ 01558 L] Cuigs ey

Slawy claodly 3l ookl jolaieay 385 cla Joo 1)) gl jud] clo Sl o imghy sba D e, e



Y’b)w‘i a)gb‘\i0£c4ﬂ~0)%ﬂ.}a‘5uu~‘))ﬁ 0y

35 A gy ol S g ) 255 Al olSoly wlasles ot o WMl gyl Canls sl 55 (el
A5 S8 gyl s 1 8 sledly jl edlael fupws 40
Pl i ;500 laglj 4 Sy & Cunl 0 Gl ey )3 (o) slaodld (g9, p2l ddlllan S 505
aS 590 (ololid ((g)l8 Cunluw 10])8 jl s 1o ) (6105, jmws )08 b ey (Shg U o (W pioren
D9 1l 35 oIS Canlus sla Jae (500 (sla i 550 )0 Wilgi o
S5l 89> )3 Kl oo &5 Sl 03,5 S5 oty lolid (lp (2l Jde dawgs @ pol> gl
Dgd o Ay il iz yseiue gbadlpiin Lwly cpl )0 a8 sl HI5 5w
Gl &t Olegdge ololid ly WSOl slacas oo ;5 odd Slolid sla Shg jl eslazwl o
el pitly
L p Slegsge (plwlid gl (oSSl Ol )8 LBy 3 0ad plulid la S jledlatsl e
oyl opl )0 (618 Cusliw
oIS Cunliw Slegbge b il )3 03l Hlisl cobil b s ololis Jdo dawgs @
eyl gl ol 8315 L ()i sl (elacas ol Jio duwsi @

g

w&gf 0’1 50 04 43‘)1 L;Lm‘_;?);9 u»Lw‘ » s)lﬁwl,w: LS‘)‘.’ d)lfw‘wu .))}y.f:]) ixwy (]

&bo

50 )LS\")\ Q])_:Jb) _(\\‘..) 4il|_\_,.c RV <d).cL> b 9 dilie UL’yf o> (dlwsns> fhé)Jm w6 S99 doLB
(WY «SKiays g il jo (ol g Sleflas (ying > (awlw (6,58 oludy (6050 adllas) cloin! slaasSiis
JEY =YY

References

Agarwal, R., Gupta, S. & Chatterjee, N. (2022). Profiling fake news spreaders on twitter: a
clickbait and linguistic feature-based scheme. In International Conference on
Applications of Natural Language to Information Systems, (PP.345-357). Cham: Springer
International Publishing.

Azzimonti, M. & Fernandes, M. (2023). Socia media networks, fake news, and polarization.
European Journal of Palitical Economy, 76. 102256.
https://doi.org/10.1016/j.ej poleco.2022.102256

Blasco-Duatis, M., Coenders, G., Saez, M., Garcia, N. F. & Cunha, |. F. (2019). Mapping the
agenda-setting theory, priming and the spiral of silence in Twitter accounts of political
parties. International Journal of Web Based Communities, 15(1), 4-24.



oV S| e e 6,135 Conrlows (5,138,15 ygi0d 1> loin! sbrailuy Laodl> Cou )

Bucher, T. & Helmond, A. (2018). The affordances of social media platforms. The SAGE
handbook of social media, 1(1), 233-253.

Driss, O. B., Médllouli, S. & Trabelsi, Z. (2019). From citizens to government policy-makers:
Social media data analysis. Government Information Quarterly, 36, 560-570.

Enli, G. (2017). Twitter as arena for the authentic outsider: Exploring the social media
campaigns of Trump and Clinton in the 2016 US presidential election. European journal
of communication, 32(1), 50-61.

Fayazi Borujeni, SM.R., Khojasteh, H., Givian, A. & Sgjjadi Jaghargh, S.A. (2021). Thought
leaders in socia networks (A case study of politica thought leaders on Twitter).
Interdisciplinary Sudies in Media and Culture, 11(1), 213-243. doi:
10.30465/ismc.2021.36032.2377. (in Persian)

Gintova, M. (2019). Understanding government social media users: an analysis of interactions
on Immigration, Refugees and Citizenship Canada Twitter and Facebook. Government
Information Quarterly, 36(4), 101388.

He, W., Zha, S. & Li, L. (2013). Social media competitive analysis and text mining: A case
study in the pizza industry. International Journal of Information Management, 33(3),
464-472.

Ho-Dac, N. N. (2020). The vaue of online user generated content in product development.
Journal of Business Research, 112, 136-146.

Kim, Y., Kim, Y. & Zhou, S. (2018). Theoretica and methodological trends of agenda-setting
theory: A thematic analysis of the last four decades of research. The Agenda Setting
Journal, 1(1), 5-22

Lahlou, Y., Fkihi, S. E. & Faizi, R. (2021, March). Automatic detection of fake news on Twitter
by using a new feature: User credibility. In International Conference On Big Data and
Internet of Things (pp. 568-580). Cham: Springer International Publishing.

Lee, C. J. & Chua H. N. (2021, November). Using linguistics and psycholinguistics features in
machine learning for fake news classification through twitter. In Proceedings of
International Conference on Data Science and Applications. ICDSA 2021, Volume 1 (pp.
717-730). Singapore: Springer Singapore.

Leg E. J, Lee, H. Y. & Choi, S. (2020). Is the message the medium? How politicians' Twitter
blunders affect perceived authenticity of Twitter communication. Computers in Human
Behavior, 104, 106188.

Lee J. & Xu, W. (2018). The more attacks, the more retweets; Trump’'s and Clinton’s agenda
setting on Twitter. Public Relations Review, 44(2), 201-213.

Mazoochi, M., Rabiei, L., Rahmani, F. & Rajabi, Z. (2025). Constructing colloquial dataset for
persian sentiment analysis of social microblogs. Multimedia Tools and Applications, 1-
16.

McCombs, M. E. & Shaw, D. L. (1972). The agenda-setting function of mass media. Public
opinion quarterly, 36(2), 176-187.



Y’b)w‘i 5)9.3‘\502 Ldb&,%ﬂd&duw)ﬁ oyYy

Napoli, P. N. (2019). User Data as Public Resource: Implications for Social Media Regulation,
Policy and Internet. doi: 10.1002/poi3.216.

Panayiotopoulos, P., Bowen, F. & Brooker, P. (2017). The value of socia media data:
Integrating crowd capabilities in evidence-based policy. Government |nformation
Quarterly,34: 601-612.

Park, C. S. & Kaye, B. K. (2017). The tweet goes on: Interconnection of Twitter opinion
leadership, network size, and civic engagement. Computers in Human Behavior, 69, 174-
180.

Rajabi, Z. & Vaavi, M. (2021). A survey on sentiment analysis in Persian: a comprehensive
system perspective covering challenges and advances in resources and methods.
Cognitive Computation, 13(4), 882-902.

Regstad, |. (2016). Is Twitter just rehashing? Intermedia agenda setting between Twitter and
mainstream media. Journal of Information Technology & Poalitics, 13(2), 142-158.

Saf, H., He, Y. & Alani, H. (2012). Semantic sentiment analysis of twitter. In International
semantic web conference (pp. 508-524). Springer, Berlin, Heidelberg.

Shah, C. & Pomerantz, J. (2010, July). Evaluating and predicting answer quality in community
QA.. In Proceedings of the 33rd international ACM SIGIR conference on Research and
development in information retrieval (pp. 411-418).

Shang, L., Chen, B., Vora, A., Zhang, Y., Cai, X. & Wang, D. (2024, May). Social Drought: a
social and news media driven dataset and analytical platform towards understanding
societal impact of drought. In Proceedings of the International AAAI Conference on Web
and Social Media (Vol. 18, pp. 2051-2062).

Shu, K., Mahudeswaran, D., Wang, S., Lee, D. & Liu, H. (2020). Fake news net;: A data
repository with news content, social context, and spatiotemporal information for studying
fake news on social media. Big Data, 8(3). https://doi.org/10.1089/big.2020.0062

Simonofski, A., Fink, J. & Burnay, C. (2021). Supporting policy-making with social media and
e-participation platforms data: A policy anaytics framework. Government Information
Quarterly, 38(3), 112- 130.

Stamatelatos, G., Gyftopoulos, S., Drosatos, G. & Efraimidis, P. S. (2020). Revealing the
political affinity of online entities through their Twitter followers. Information Processing
and Management, 57, 102-172.

Styles, K. (2016). Twitter is 10 and It's Sill Not a Social Network. Available at:
http://thenextweb.com/opi nion/2016/03/21/twitter-10-still-not-social-network/ [Accessed
24 6 2020].

Vaenzuela, S., Puente, S. & Flores, P. (2017). Comparing disaster news on Twitter and
television: An intermedia agenda setting perspective. Journal of Broadcasting &
Electronic Media, 61(4), 615-637.

Van Dijck, J., de Winkel, T. & Schéfer, M. T. (2023). Deplatformization and the governance of
the platform ecosystem. New Media and Society, 25(12).
https://doi.org/10.1177/14614448211045662



0v¢ B e e (6,158 Sl (535,18 gid yd closinl gaily o3I Com,lS

Waker, G., Cass, N., Burningham, K. & Barnett, J. (2010). Renewable energy and
sociotechnical change: Imagined subjectivities of “the public’ and their implications.
Environment and Planning A, 42(4), 931-947.

Wang, X., Wei, F., Liu, X., Zhou, M. & Zhang, M. (2015). Topic sentiment analysisin twitter: a
graph-based hashtag sentiment classification approach. In Proceedings of the 20th ACM
international conference on Information and knowl edge management. 1031-1040.

Wong, F. M. F., Wei, Z,, Liu, S., Zhao, L. & Zheng, Q. (2018). Hashtag sentiment classification
via semantic analysis. IEEE Transactions on Knowledge and Data Engineering, 30(11),
2165-2177.

Yan, Z. (2018). Big data and government governance. International Conference on Information
Management and Processing. |IEEE. 110- 114.

Zhou, Z., Bandari, R., Kong, J., Qian, H. & Roychowdhury, V. (2010, July). Information
resonance on twitter: watching iran. In Proceedings of the first workshop on social media
analytics (pp. 123-131).



