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Abstract

Designing a smart model for granting banking facilities can reduce many of the concerns and
worries of the banking system regarding the repayment of granted loans and the increase in
non-performing loans. For this purpose, it is necessary to design such a model using artificial
intelligence algorithms. In this research, the aim is to design a smart model for granting banking
facilities based on big data and based on demographic characteristics, business status and past
payments of customers. The model consisted of 12 variables, the data of which was collected
from the banking system and then implemented with the help of machine learning algorithms.
Three algorithms, nearest neighbor, decision tree and random forest, were used in the present
study, and the results show that the decision tree algorithm is able to predict customer
repayment behavior with an accuracy of 99.6% at the highest level, and this indicates that the
12 variables introduced can classify customer repayment based on three categories of customers
with high, medium and low risk with more than 99%.
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