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Abstract: This article explores the recognition of collocations in Persian
language. Previous research in this field has primarily been statistical
and comparative in nature. The objective of this study is to identify
collocations using a corpus-based and computational approach. To this
end, the Persian language database is utilized as the research corpus.
Additionally, due to the absence of a comprehensive collocation dictionary
for Persian, a dataset of collocations has been constructed based on
the Advanced Learners’ Persian Dictionary. Using FastText embedding
vectors, a language model is trained with a Long Short-Term Memory
(LSTM) network. Furthermore, by fine-tuning ParsBert, the performance of
this language model is evaluated using lists of a thousand collocations and
non-collocations. Finally, a comparative analysis of collocation recognition
is conducted using Google Translate by translating a thousand Persian
sentences into English, each containing at least one collocation. The
results indicate that the ParsBert model achieves recall rates of 93.95%
and 85.8% for collocation and non-collocation recognition, respectively.
In contrast, the LSTM-based language model achieves recall rates of
6.6% and 0% for collocation and non-collocation recognition, respectively.
The comparative analysis of Google Translate accuracy in translating
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1. collocation 2. second language learning 3. word sense disambiguation
4. parsing and machine translation 5. natural language generation 6. information retrieval
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1. reiteration 2. Oxford Dictionary of Current Idiomatic English (ODCIE)
3. open collocation 4. restricted collocation 5. binary word combinations
6. base 7. collocate 8. lexical function (LF)

9. meaning-text theory (MTT)

OA+



oA

an_pagy
9Ly
-

P20
IRl U100 9 i | bl S 95 il ookl b (sl Uk S btk Zl Pl § o lulid

S aS bl o el B Aol in 5 5 e b e s )l | OT JLES
a6 48 a0l g 3L line O3 03 55 gm0 =553 0T 55 DL (slmosls obae
3l (Slas same Ly 0315 oS iin b ol 5o a5 5 5a dsls 0 5 g oot i T
atied 5 il (S Sy alsy (i 031y S T mlas (slaBlin sl Al e
Ao p St S35 ol 5 3 5 gn aintin (SB35 ol 5 31 (Shee yams i g O
D gin oo o gmma OT° 5551y 57 ol 3515 X Lol j5 a8 558 monls islif(X) =y
Slas gaze a0 5 (ke L anlST oS ol (g g glime adaily 65 S Sl i sy
dd S ol el S Ol (S Sl sl i s e A e Sl e Ly LS
Sale L adS 4y 5 dmms Ll T 5,0 )8 48 5505 552 5 (Shle L SLIS (0L 45 48
Sy cpreliae Jia 53 Sgline ¢S 5SS 515 LA 00 3 g 55 el 0L s 500
mn 5 S35 by Sl s mam 5 (s Loy 61 LaOT 5l am 4575
SE s sladoly (N1 dilen G55 i s gl S Sl o 850 Tl S
&S (S Sl slae sl 5 eS a5 Lt o Sl o= i smene ) sbay 48T als
fine weather s highwinds L Sl)le (Jlis Olseas (69555 o0 O gmma  olias ol
DT A (s 2 4 OIS 5 0z 20 (CrUse 1986) ol ainls dslon 1 o g
0,5 S 53 eeilaT 5,555 55 Lagleal LadT b 3l stls (S8 5l la Jlows
Church) coul s o Coslas i Olis 585 Jlazl 48 i 6,5 b I U
S g S s s sl ) La olasl (Co35ly 5 S ¢S (et al. 1991
3 SLAS 5T Lol g, 0T ;505 (6w 55 5 sl Sl Mausl 4SS 53 45 Al o
Siaan 5 ol uds oS i |y bl (06— .(McKeown and Radev 2000) sl
Co La0T a8 Gl Sl s 51 il L el 05 5 ol s> s oo (LIS
iy 05 g La gloaly el 09530 AT aip3 (S (line Uy (555 el a5 8 et
b i L pleal S 5 )18 il y Ola) (2 5 el s i S iy LS
5 3b sl slms (—olen (O sy I J—i5 4 Seretan 2003) S o ¢SaS ot 05 4

L;..L'..:A:_m.s6}_>r.§}c6:ﬁ)l§c@lfj\)cu_itmc6)\:>'uo}}fﬁ):bduﬁ\{@\_‘;;

1. formalized semantically-oriented lexicon 2. explanatory combinatorial dictionary (ECD)
3. semantic derivations 4. keyword 5. value
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