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The most important objectives of this research are to evaluate and
illustrate the knowledge map of data mining in covid-19 research, to
identify the various components and relationships between data
mining concepts in different fields of covid-19 studies. The research
method is applied and descriptive. In this research, we utilize the
content analysis and text mining techniques. One of the findings of the
current research is that a group of researches was related to the
"structure and human nature of the disease”. Another group of
research looked at the set of factors related to adulthood that could be
the basis for the absorption of the Covid-19 virus. In the co-authoring
section, the highest amount of cooperation was between America and
India. The data mining map of Covid-19 is based on thematic
modeling including the structure and human nature of the disease, the
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background and structure of the virus, pandemic prevention, and
computer science and artificial intelligence. In this research, according
to the use of information technology tools and text mining techniques,
a large amount of research has been studied. The presented knowledge
map deals with the thematic separation of the researches and
information discovery in each collection, so it enables the possibility
of comparison between specific thematic groups. In this research, the
components of data mining concepts in different fields of Covid-19
studies were examined in six dimensions. In the sixth dimension, the
data mining map of Covid-19 was presented based on thematic
modeling.

1. Introduction

What the experience of health officials during the Corona crisis has
proven is that it is not possible to manage the disease by relying on
traditional methods. Modern information technologies should be used
for the optimal management of this disease. Data mining and data
analysis can greatly help in preventing, identifying and solving crises.
One of the ways that helps researchers to achieve their research goals
in their specialized field is to have an overview of the scientific
framework of the field in question and previous studies. In this regard,
this research has drawn a map of knowledge in the field of Corona
data mining by monitoring authors and important and influential
works, text mining of studies and specifying thematic clusters formed
over time and visualizing information in the field of data mining of
Corona. Conducting research in different subject groups provides the
possibility of comparing and discovering connections between
different fields of knowledge. The provided knowledge map can be
used in evidence-based studies in covid-19 researches.

2. Literature Review

Considering the large amount of data related to Covid-19 that are
produced from various sources such as scientific articles, reports of
health organizations, clinical and laboratory data, social networks and
media, the need for data mining is felt to extract useful and reliable
knowledge (Chen et al., 2020). Data mining can help identify risk
factors, diagnose and predict disease, evaluate the effects of
treatments and vaccines, analyze social and economic behaviors, and
provide solutions (Lee et al.,, 2020). One of the ways that helps
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researchers to achieve their research goals in their specialized field is
to have a general understanding of the scientific framework of the
field in question. In this regard, visualizing information or drawing a
map and drawing the scientific structure of that field seems necessary.
In a knowledge map that is drawn based on the scientific-research
outputs of scientists of a scientific field, influential authors, thematic
clusters formed over time and important and influential works are
determined and introduced. In knowledge maps, the appearance of
new areas and the cessation of some saturated scientific areas can be
clearly observed and studied. Anderson (2021) used the text mining
clustering approach to evaluate the different foci of a large number of
abstracts related to Covid-19. Thakur and Kumar (2021) highlight the
applied text mining techniques on published scientific articles by
carefully reviewing the studies conducted in the last ten years.

3. Methodology

This research uses applied methodology in terms of purpose. The
statistical population of this research is all the researches published in
reliable publications that are in the Scopus database. The statistical
sample of this research is all scientific documents registered on the
topic of data mining of Covid-19 in the years 2020, 2021 and 2022 in
the Scopus database. The number of examined documents is 1749,
which includes conference and research articles. In this research, all
scientific documents where data mining and covid-19 were
simultaneously one of its keywords were extracted. Then, by using
appropriate algorithms and, text mining software, knowledge map
drawing was done.

3. Results
As a result of topic analysis or Topic Modeling with the help of LDA
or Latent Dirichlet Allocation algorithm, four topic keyword sets are
displayed as described as follows:

Group 1: includes words that focus on data analysis related to the
covid-19 crisis.

Group 2: includes words that seem to focus on machine learning
models used to study covid-19.

Group 3: includes words about public information and social
aspects of the covid-19 crisis.

Group 4: includes the words also includes data mining and
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modeling but seems to focus more on the results obtained from these
methods in studying different aspects of the crisis.

In the second part of this study, the co-occurrence map analysis
of key words in data mining research on Covid-19 shows the
conceptual structure of the relationship between concepts or words in
a set of publications.

4. Discussion

In order to identify the components and relationships between data
mining concepts in different areas of Covid-19 studies, they were
identified using text mining and bibliometric methods. As a result of
the process of text mining and the application of different algorithms,
it can be said that data mining is one of the most widely used
techniques in the following 4 areas in the research of Covid-19: 1.
Understanding public reactions or crisis impact, 2. Predicting
outcomes or analyzing patient data, 3. How to disseminate
information through the media and public reactions, and 4. Studying
different aspects of the crisis.

As a result of checking the co-occurrence map of keywords,
thematic modeling was divided into the following 4 sub-categories:
The first category is in the field of social media, machine learning, and
in other words around concepts related to artificial intelligence.
Another category is related to topics and concepts such as public
health, vaccination, psychology, people's thoughts, communication,
fear and emotions. The collection of this cluster can be known as a
pandemic. The third category of studies can be considered as
"structure and human nature of the disease". The fourth category of
studies can be considered related to adulthood. The most widely used
data mining method in covid-19 research with the highest
reproducibility rate is Classification algorithm with 221 repetitions.

5. Conclusion

The components of data mining concepts in different fields of Covid-
19 studies were examined in six dimensions. In the sixth dimension,
the data mining map of Covid-19 was presented based on thematic
modeling.

Keywords: Knowledge Map, Data Mining, Covid-19, Text Mining,
Visualization.



@ }J”.L«JLZA

VEY/VE L) s

BN S5 G

. “JU

iy
%

-3

ARERVARVAQ

ISSN: 2821-0964 elSSN: 2821-0816

Ladgn )55 S o pute Slalllas
YA U Y00 Jp e\i"‘ j.ﬁ\ﬂ Li« A)Lo-& erﬁé}:fw JLw

ims.atu.ac.ir
DOI: 10.22054/ims.2024.77278.2432

Oldss jo (G9losald wild 4ld (8w g § ! Sl
13- 995

eK_‘iJlA sl 9 Cg e eJ.{.i’Jl) «ledb| LQJ)L.": o pe -\.f»'ul u.aL.wJL{ —
T o373,
L}‘jil ‘OlJGJ‘u"J"uC"ﬁJ} T

ali_.ijb ozl 9 Co pd a.\i.i:}b (ledb| Lg)}uﬁ Co e cjjf aslal *
oo 031y pm LS e

L}\J.J__l&dljg.}"w‘;)ﬁs"ﬂd} "
(cﬁ) J_'A;L,Jj e@b bzl 9 L;Jbl (3}1.9 e-&.‘f&l} o e o})? ol

e il Ol
U'ﬁ\‘UWJ‘UW) :

0 A

‘\R—A_i,;;;Li_,agJ.»&,\Sulguiql;méju)w,&g))ljlcol,o&zxaldl»lajﬁ
bl e Ve 5 ST Slalllan Cialiee slao o 53 (5518 0303 ualie Oloa Calbins Lalgy 5 1l glules
plos) (55l e 05 5 e i 355 3l (e s b (bl ¢ oo 57 6 5 515 (52 )8 ol il s
(8 sl bl Ccale 5 5l s Sl 1 (gletuns &7 sl oyl bl o (Slaadl 51 S ok dal 5
il g o 48 sty oo JS 5 a0 bg o ol g e sazme & Silidos 5| 505 (glatws 5 g LS e
Lin 5 LS ol Ol (6 Kam Ol iy (Sl 5 o8 i 93 Bl VAo 9 ST g 5 o Sl
(5oben Gl Coale g bl faztie (£ 55 50 (iluddle ulul V8-S (68 esls 4id sl 03 5
i L G ol 9 Lol (£ e isp 5 (S 58 p e 5 SSadl (6,8t (g S 5 4
Wl 458 8 51§ adllans s g0 Siind I s o (5518 0 SSTST 5 DA (6558 (sl Sl e3lizud
Ol 1A 5315 5 o0 s gozmn 55 LMLl (2 iS5 Ol 8 gu g0 CKSE @ 0kl 2ils ails
3 oS o33 wallie (gl e G ol 5> S o L0l ols esbsn glay § s dmlis
(SalSoals 4l 58wy 53 S 8 15y 3 go dmy i 53 V- 58 lalllan il (glao

5 5 8l g g0 giledis ulul V8- s S

(S5l gman ¢SS e N4 558 (g5l esls ¢ JHls 4kl HEYS{PRWLY

ar_hassanzadeh@modares.ac.ir : J s otins 5 3%


https://journals.atu.ac.ir/
file:///H:/فصلنامه%20ها/مطالعات%20مدیریت%20کسب%20و%20کار%20هوشمند/شماره%2047/صفحه%20آرایی/ims.atu.ac.ir
file:///H:/فصلنامه%20ها/مطالعات%20مدیریت%20کسب%20و%20کار%20هوشمند/شماره%2047/صفحه%20آرایی/ims.atu.ac.ir
https://doi.org/10.22054/ims.2024.77278.2432
http://orcid.org/0009-0005-7978-0648
http://orcid.org/0000-0003-3015-3019
http://orcid.org/0000-0002-1598-4431

\f"f'}g“\g: I 4 o)\.a.(;'cl r&:ydulw}h)\gjg.«fQQﬁMwalYP'

dode
G848 ol U (sLmosls  aans Ol s (S5l sl 0 5 53 Laosls oKL
a5 L ojg el doalomily (SC5 5 o 215 4 L5 e OT 3 b S 5 Dbl
DL Sl e ) e LMl (55l A o LSS Sl slaplss ) 4l
9 Sl Livonls G e slwly 5 (655 (slas i adaz )l (g5 0005 .l ol
A s Slao g L1 OT plest osls eSSl 5 eS| St 1 63 28 03lizul
23 D 0L 20 a0 2 4T (WA 0L S 5 (die) ol 03 57 o5 pl 1 S5
s S5 4 ST (e e o 03 ol Sl 03,5 SuB Uy ST Ol p K
Solat () S Sy s Sl G (5 Gla sl Sl il s 0055 2 O
5 Glas somn 5 Ol sieds (53 03l (gladze .(Y+ YV O SKe 5 051 jkazes) 3,5 03lizul
oo 55 Jgs o s Lils 5 oSl skl (glaaias 51 S Sledbl (655 (sla )
Oladss 53 (glos S jsbas Va- 58 F b 3 g 5 Al o Laosls Lot g 1ot
2348 LadSSS 1 (8 p g oS Dl 437 515 03lizls s go e 5 Olukietils
S A5l 5 a1y §5LS eals U5 et Cely s, 8 a3 (s sSTesls o
A J..?\}Su_a 03l J_:1>J 9 ‘_gjl_(a.s\.s Ruy Ji.u uLé,.i ‘_;Lajfl\ LAY S Olkaisls
LS LS Ol o o 5 g lolis 6,8 sk 3 (5L Ol e

053 93 sn sy Al Oy 8l 15 OS5y 457 slaely 51 S5
2S5 oo ol 5l S alei 5 8555 A S o SSS s  paai
L Siesim ool bly ool 53 (YO F 0L 5 Jag) Sl s Sldllas 5 JJiis ) 5
Caad o 03 503 i 5 Slallas o3lS e ‘,\Jf,;‘ujw)ﬂ, O s 5 ol
Uy S s5lS sl 0y SLeMbl (5l e 5 Oboj Jsb 53 8 5 ISs o 5 0
3a:bV_Lc«;”._zf;sj:.mfd_fd._q-jL_g.ﬁuwlu}\sﬂaj?QTjsdi.}b&Bwj
23 15 on ata s s ol s S i bogee 0T 05530555 S5 5 65 Tesls

5183 Ol s by JIK sladkie huled (6l ror po Ol gt 428 pl 038 1 ST 0T



YN | 01K 5 esbT 6Va-uy 558 Slidos y3 58 esls I3 A 3y pan 5 ] Pl

oy T Sl (LS ol Ll 5 0n VA 35S Dl Ly L5 53 OT 0351 I8 30
sl bolnil (55 03l (sla s 5 oauls Ol 33 5 alie Slidd 1SS gl s 43l
o2l 01l 5588 s Slaaes oTct?a\ Sl Sl Ll g o Ve o saliznl 4 5o
Al
5 amBlat L as SLedbl 03, Iy shinay g, LMl £l il
= SIS e Ll (695 e 53 cages sl Sl gl Al el e il sl
Slwads 5 fdow gas 2 53 O LS 4 4 Conl Oledbl ag glaws I 5158
OF YOS 5 (U k) uS o $SGS Slananas 03 S g 5 Sledb
P "osls v_L.:n) 03 Laesls o gan o5 ol 0 ) u—i’. o315 63wy gurn
S r o g sbonl L OT e S35 5 0005 5l seme 10y p Sl 90555 o0
Gl 3 e s pbls B 605 5 dalT i b 0315 (53l st ol ot
S 3ol Ecely 0313 (S5l guze Loy 3 4T s Lime DIty ) ol K31 .S (Lol 5
o5 s ) osbite Somly g esliw s a4 SleMbl ST )s Sk ssd L) gl
2 St L 3, S o g (LB S p 5 b e ) sba 0 s e g
53 g Sledbl (6 a9, a0 OT ol Glaais U LLs )l ()1 ,5 5 L 5 s
sl il 55 o O gy 45 0513 (G 5luy gvan . ias 1) |y oy 5 0tST s B (glaosls
O3 53 3 5 Aal i 0313 (G5l e Lol ) ot (Bl 40l (6 s laasdl Lo
0l5 S 0Lej 53 LOT Hly ol s p gl 5 SEMBI L Hlws o 4 42 55 b 51>
S G55t (il ok S dnnn 5 5 e )5 (Gl b o) g S 4 0313 (G5l y e
(s 55 5,415 5 g ol 03,5 domza |y SOl 5 oode (6 5lu ) gome (S5 !
Caslb g aS e enlannl Ol il sl g, 51 aST Sl aS das s s
Sl SLedbl (S b S a6 | e plonil Ao ol s
1. Data Science

2. Vitaly Friedman
3. Edward Tufte



\f"f'}g“\g: I 4 o)\.a.(;'cl r&:ydulwﬁ)gjg.«qu{MQwMIYPY

Gl gan (Yoo (b ) S Sty (Sl Waosls o Oles 457 05 8l aids g
S S sla i Ll 5 e (o1 b 5 03l e (DLbLs RS 3L baesls
HABS RIS il imny 51,8 G000 4 48 5 ) o0 Dliins
aCas g0 05,5 amy 5 G 5§ Okl 5L e0ls Dl wliliilis
055 ;S 133 4S Sl 43 8 Sy g0 OT I il (S 5 18- 958 (65803l Solallas
(o 5 (5 3LS 0315 12 ) s Sl (g 5L o35 iy claesls g5 A3le) b Loy g 5o
oded 230l 5 odbi 25 (5l 0313 Loy g g pled ol (o b 5 Ton 5528
Al LS5 5 (55U 0313 (Sla s Sl 2 O g Al 5 h ¢ orliB Ol R [
3 e QLS Calies 8 55 50 L;uobf,;&a,g(\?g\ CEELWRIPCOUSPIFI
1)l Al 4l Sedbl ST e gl B 1y s Calibee glae) s o Dbl CaiS
o8 slanul 5,50 V8-l 5 55 Oladss 5o il i o e Olalllas 55 Ll g5 0 0
5,8
23 6ol S esls il il (g3l guan 5 ol 5yl D) DI )le Gdew Coldal
laes o 53 S35 0ol eualin Ol Calies Ll 5 1l Lol VA=t 5 87 Dlados

VA- 565 (65l 0l Oladse ils a2l (g lwesly ued (VA-s 5 5S" Soladllas Calides

SR e
5o bl la i,y 3l eslinal L oS Sl osls psle (slaas s | S g8 esls
LS n ) el ooy 5 2855 laosls 115 sel 8 5 Lol cla Sl ¢ oo sinme 558
a0 O35 o ahen 3 48T il it ol ye Joli (55803l (YN Y (O, 5 Ola)
st sl e slagn KU1 5 eSS Jlee!l 5 sl claasls 5515 1 5 Ol
$3LS o3l (Y17 OLSan 5 jauls) 5,8 o5l Laosls 1 5ls &) 5 guld s
O3 or 55 e3ls on 5 aosls g 55 bl p oS o S 5 gy ook hyls
suarws (Clustering) uuai s s 055 oo W o g, opl dlas 1.5 S eslizul 0T

«(Neural Networks) —.es 4K s (Regression) O s S 5 «Classification)



Yo | 01K 5 esbT 6Va-uy 558 Slidos y3 s esls I3 A 3y pan 5 ] Pl

Association ) =l Al g (Support Vector Machines) oluciy Hls 5 sl uiils
o Jd> 5 (Principal Component Analysis) Jo! slaad s |-d>s «(Rules
(8 LK 5 ¢Ky) 5 5 6,Lal (Path Analysis)
308 sk 5 50T (D land ¢ (S e it slade] 55 (a3l
& leo;,p\u;j)\,u&‘suuﬁﬁdudﬁfﬁ_@—4{.\;1):@) 5yl
Gl A pleaie 1SSV 0L 5 6K 5) a8 sleul 31315 ok jlu
S Sl Ssie 6olaw ST V-l 555 ol VA= 5 oS Sl 03yl (558 el
£t YV JLa 1051 5 55 oo 5l SARS-COV-2 ol &y (sl s 5 Lo 5
L oadlie (gl (Y Y0 Oloys 5 ol Sojl5 ) ol ails Olgam putl o 3 (Glos 28
vl e adon 51 ile (glaaie] 53 et 503 1S Slidod 4 5 ((Sole 1]
i B LYY ODSen 5 2 S) 2yl sz eols p e 5 elazl p e (b p e
(oale SYLas Aile pilibee wlin 514 V4-0 58 4y by o slmosls 5L onr
5 olaml claaos ( A& i T 5 U laesls ¢ milig sbaolle la i1 S
crl 3 sl o6 5 dde 2l 2l nal ) (58700 4 5 g a5 Lawilay
deslse slolis i Wlg o 638 nls (Yo Yo Ol Kan 5 03) 558 o b=l Waosls
lasldy Jodow oSy 5 ol s Sl 3T ob5)l eoken (s 5 (adeid Sl
(Il (Yo ¥ OIS 5 () S oSS LS, 01yl 5 galaasil 5 olaz]
Al e Jom 4 58S Sl g 05 (e Ml L V-5 ST Olide )3 (55 esl
Jeds s ol s 4T ol Laesls el Sl 5 CodS La il ol 51 LSS
5 o2sS) Aol ralS Laesls (5 5 db ki U 059 Syl 003 50 sl o5 5 Kanls
Slapz s S 5 LacssS Jlasl 5 ool o by pe 505 Gl (1Y 01,1
5 o) a5 planil lhesls Ga 5 Cosle 4 a7 L b &S Sl (658 7e00> 1 s
L ol oS ol (50305 il pondi 5 b5l bosim pg Al (Y0 OLSGs
o o @l (Te Y OLan 5 D) 5,8 Spe ol 5 SN ale 55,505,



VY ol | TR oyl | o s o | iad g ) g o e Olllas | Y8 E

5929 VA=l 5 S Slido 53 (55 enls 5l e sphe 4l ¢SS slowl 4 L a2l
o 5L (Dl Mol (palis 487 ol (g am Il S50 s g0 spie 4B L3l
Sy gty |y Siils 0 s S5 4 by e cu,udm‘u)@‘uﬁ”ﬁ AINETY
Siols oo gt 4 (Y008 O 5 ¢S 55) dns e OLis ibate 5 4l sl
5 ol il 5 658 5L ka3l es 28 515 eslinals s ge ) shie oy 4 Ll 5 s
5 S roimalin 5 S gt (65T 5 5 B (LS 5 LUl 6,8 o5l
(YA OLSn 5 02528) (6,8 pmnad

5SS 4S8 0 § 0lsie (VAN OSKen 5 g (e 48 o 50 LS s
LS s i o) )3 (hsi Il & Oy 1 5 O SKaas & laol,
bl y ol 53 Sl Sy g0 055 sade gyl 51 ST sled 5 S5 opdls (S
A G5t 05 OT (ade il o 5 5 48K o 5 b SV (gLl >
S Oliaiils a g s ke SLanl s 5 bl oS ale 4 OS5 5 oy 0
2 8 S oy ge laat o OIS ST OB Ay 5 358 0 a5 e 55>
Lo S s 7505 5 kgt e S yme 5 e OIS 3T 5 e JUT 5 0Le3 U b
Feob Al OLSUl el ale (slaaiiis e OF ool o8 SledMb (g5l s>
Shabo s g dude Gladas ) 5eb # pbsa oo add 5o Ll oo
DS s oale i o3l Sl 4l aalllan 5 o> L6 olip L ale
S ) 5 Calien (SU1s5 51 sale 0 oSG SLal Lot 54 25 1 ek ol
sl gy el 3y adbie 55558 ¢ s a5 ,b 4 & S Obea ol o OT 51 S
L5058 eale 055 o e sl cdina o JS ailate OT 8 5 ey D0l
s oo 1S5 0T ater p SVae 5 08 s 5 3 1 oKl

SLa S b L5 16557 55 Dl 55 (631 e sl sy 358 dlie
ot sl S IS s (VY 0L 5 0 5 Didam 5 slacy ol 5 JalSS

VYF 1 lae gamme (sl 03 4 L;))T}_S Oladsd o L;)K&:» s 8 é_igw



Y50 | 01K 5 esbT 6Va-uy 558 Slidos y3 s esls I3 A 3y pan 5 ] Pl

s 5 e Ve 51 S 53 (655T 5 L e 50 655 550 55 oS lie
Pt g 3 leld (el edh i agee Sy e S e A 5 65T 5
JlSS s oy cadlin VYF o S et Slwloes 5 2w e sa 25 ol
(o8 e L;th.ij])\ja.,\_i:;.,\;:_maé)jTj_s Slaass 55 69lS e slas )8
G S pl S gl Al ot T (658 e (slas )18 (sl 1y sl 5 (5 ls 5,
i o a0 058 06557 5 Liiond 3 (631 20 sl IS 45T ol 03 8 ¥tz
031 55 Sl 53 (6L e (63 50 Dlalllas 5 tolad an 5L 5 Lok £ 5L
Sl laz b ana 5 6l 5Linssn (o 5o ainy Lol 2aS b o S sy
53 s opl 53 el oo Gubm pelaw 4 15 (65T 55 Slados 55 (65 e Lo )8 S
el 43 8 515 Oliies Lz

(COVID-19 Solosl 3 i 03,557 Sows 4 gl (695 20 5l oslizah dlas s
Col auil 5 andllan cpl 53 (g l8 2 (vl s 3,55 5y 31 enlizal b (Y4 ¥ Y (0 g, i)
ST a5 15 V8- 5 ST L e e slaed S 1 (oab 5 sltad Sslite glad SIS
u\;d;;;}szoubwQUS@J%\)J»L;@&P:JQJJ&adLE.A
e G g o 5 o gl ST ESGST Ll s 4 Sl ST Slado VLG
b idas e iyl Hegh s js Slidew Ole st g0 3 50 55 1) il poman
Olej 2alS Lol o ol a2y ol s pogin &G A4S (0 Ol s
355 o b Jas o SVl 3L g (VU 055 e (51 Gles S5 S350
Jols Lo s a7 Wil oo ol cdlo o5l Gl )5 oddodalive Cus gdoms (S dal =
A3 e Yo Y Jle glaesls

Laslpl g La byt sadss OYLae 55 e (698715 eSS 5,80 dlie s
eSS w8 Jlu os s ool Slalllas 333 ()2 b (YY) losS 5 ,80)
ol slaaml S e a1y edld i cede OV (69 63 )8 (658 e

ol Glre) s e 5 (65LS e G 5 aylpl s se o 1) o laailas andlas



\f"f'}g“\g: I 4 o)\.a.(;'cl r&:}ydulw}h)\ij.SQﬁMwalYPS

G853 Oliioes s 5 comr 5 46 gd e 5 aldplndl OT )3 Slalllas o5
R- 5101 )le ol 5 me 3 5)lS 5 (sl yl ol ST o 4yl odd i oo Dol
KHcoder3 MALLET (Rapid  minerPythonSAS  Enterprise Packages
Latent Dirichlet 3l usic le et 5 me Slsl 3 glyls (65LS 20 (sLaeSiSS
Support Vector (Association rules k-Means clustering Allocation (LDA)
Ve 4 by e 43 § &) o Slais Natural Language Processing (Machine
sEurope PMC dEEE ()N Sl |55 ¢ s oSl o3ls (sLaolsSl )3 o dzte
AL e Yo Y B YO sl Sl s3L 3 ACM
L o) U8 5055k gl (658 0505 eSS 3l sl Of oo L lie o
e Sl ol izte DY LR oy s (YY) O 5 (65i0) (555 0 alllan
S sl s esls eSS s uils GISKs 5 (58 0sls la g cp S g
!~ PubMed , Scopus \Web of Science osls sLaolL .dlasls , La ol
3 B s Azt oz peial SV G551 1 ey ilodd Ol S s (6 gt
Aty SVe Ol s lie 00 codd oL bzl VO il ois § fol Sl
350 45 Sl 0313 OLES (o) el Lol ol 03 gudoes ) 3 (32 5k 1 sl 0
3,500 P s U (ab 0L Bls 4 bgp e gslSTesls gy op addle
oAt g slen 3550 53 sl 035 (YY) (olew s S 55 05,5 HIKET (galgiiny
CLacSUSS 1 bl 7 das oo OLas Slalllas .l 035 V4= 5 S a 5555 50 (5o
(e Sl o aials 3 4a 53 Cmal LI (F40) &l oo (6,8 5
JLos 55 syl 4y Lo 5 533 5 sbay 5 A o Sl (X9 G sie Gl slas
0352 (LY )R 5 (LYY) SPSS Solallan 3 oslizuals s o slal3lp 5 on Sgmly ki35 oo
Sl B el Sl eslinul Uy (st d 3,5l Slidios 8 Sl 0315 OLiS gyl . Con
U RCERPRE T Lags S aan 3 gl a il slal 575 (gl ils (aiS

(PRISMA 1T 3 b) Gimes e sla S 5s slyls a5 dlia 0 (55, L anllan



YoV | 01K 5 esbT 6Va-uy 558 Wlidos y3 3 esls I3 A 3y pan 5 ] Pl

el 035 50 5 5l alllan G gy 5 w8 ) g o2

L
I

35 6 9LS esls ool il L;jl_w)}.a.djclj.‘;ﬁ_m‘ oy ol ol ‘*—{u—iL’.dT)"
a3 Ol (el S5 L (6 il bl K03 S5 4 51958 Slidows
C}a j‘)dbﬂ)g dv\_éj_b)lé_:_jaéw\ LML@\*—.LLJ; C)LB.;.B:J BE 6)\503\3
C,‘_w‘au\_&rbu‘éjl_{‘f”ﬁo}_djb_buJ&J&j_))‘éuaﬁbwcwj
(o5 dmaler il e (S ) (oS- (S Do ot DLV (65T e
GL‘) ajl_j BE QL@:- J_w‘f» BE \*—A_.s‘); oj}_s- BE 6)\503‘3\_:.]9.;}5 Lsuu':"“)}'.
e SCOPUS 6513 oKL 53 (63Me YYY LYY+ cladls
5 ixe Ob i ys el e Gla g s adS Ol ) s opl )bl amel
e ot plas G o (LT 4 god (Cuils g g SCOPUS o513 KL s
algf‘g):Y'YY‘g\"\‘\ AKAK LgLAJLWJJ\*—M}f&)gob‘btﬁylﬁaﬁq
Ve Jold a8 il o WP ) 53 50 Sladkiom Sldnd sl o gy 5Kl 0315
03l &S5 o sk 5 658 e hg) 5l 5 Sl (ST &S G Cotle w4 5 L
‘_;”T;J_f.;)\.x_;;}_wgwa,y@&jpag-ﬁ\,;&ﬂfg\x\)\ﬁll.lhc,w\a.u
Sleslinl by pane (goliwl slawles 51 S Olgea g Sl Cole 3 b 5 Sledibl
Ly oode sl (st Sl op oSl Colo . Cnl 039 Colos ol (S gt 5 5 90
Ly Jdesd ol 51 WedSCiils 5 agis S0 oy 5iS (Calibes ode (glao) s a5
363‘.503‘345“5_&.19.3\;_4&‘ LSGL—QJL;-:S’JO_}")J .MJLS-.‘ )“)5 Q\ji.&.hj}i )L;é‘).ﬁ
L et 3 S il ol 03,53 OT (slae315dS” 1SS Olajon ) sbar V458

u&\sﬂdt_sba...’;EJv.‘_.ﬂJ:)L;ijqutﬁL;La)\J’é!ijLar:i)ﬁl5;)Kq

1. Method



VY ol | TR oyl | o s o | iad g )8 g’ o pibe Slllas | Y5A

sl e (V) ojleds S 5 4 Gaioed plndl Jol o 13 gai

G plawil Jol o Slaged ) JSE

toslizals ) sa sla,l3lp 5 5 u‘.;win

LS e AT 3ol 43 8 &5 g0 OrANGE 153l 5 31 eslinl b 0520 (518
Jal 3L s .coul a5 4 Oy 50 Content analysis 5 Text preprocessing ;6 55 s
L;l_av.q)}iilj\ ¢33 3L ,3 s Normalization and noise reduction Lgurg)ﬂl 5
J=lo Cgr VOSviewer 35l 5 | 43 5 osli Dictionary-based techniques
Oloe Loy OAEST 5y sl @ 5 Gluad o (Dol Slo o 5 QBT o islzal
el 03 8 3kl O iy 5

$lapzs S g5 5 (o g pm Slaah o pualio & liws g Ul dl o 5
-\....;“TJ& Lw}.? \Q—J._':J; 6}\_(0.3\.3 ‘SLAL;&)J‘.; au\.:gg é.igw D5 ,% &jlfa.ﬁ\.&



Y4 | 01K 5 esbT 6Va-uy 558 Wlidow y3 3 esls I3 A 3y pan 5 ] Pl

ol 55 55 ge SYLEe 0l S s wis s, OFANGE 4l s ow 5 and OL) (658 20
J=BIVFR 4 KULOOIS 15l 5 ST sl o g o gy oS0l 0513 oS 1 o]
S 3le g 53 aasls 551 e b osls JUisl 4l 4 ze sla b 3 8 s e
03,5 lzal 5 05,5 sliaty; SIOP WOMdS Copanl oy LS (ol fals ' o
L LDA ‘.;w,_@l ¢SLS” L Topic Modeling b s 55 50 > .5, lemmatization
Cl oad 0L 5515 5 53 Cosoes o i, 51 S Latent Dirichlet Allocation
ij)ﬁ‘)b.bﬁ@b)@‘d}lﬂj\6\@M)bk5i5u@byyc‘ﬁn‘d‘ﬁ4§
P35 Ol g g ge g 5355 o0 43 8 53 Do yb go 3l (oS 5 Olsie L
Slds”

Qﬂ\ﬂ)cj&QLDA ﬁ)}ij\)guﬁ))

mﬁ)@ &Lu Qw)‘.\j Q)}—.ﬁé\{jabﬁ Ls)Lwd{LL \) Lau;'.a \-\;’a‘ J)‘bﬁﬂ A
‘_gl_ha:\:‘_g))ﬁ\)daj_é}aducLDAﬂ)j_iﬂj\osLiulLiw:L;)'Lﬂd.,\.a.\'
Cadien Sle g g0 U5 s a5l Lo s 05 831 ol oS oo Jlasl o 3505 5 5y
~¢:5@bw‘)@*sh°>‘>“w;wﬁy
o:l:uplda;'ﬁ-lt}déy%Q&Qhﬁc%fa‘)biddby}au@bﬁr

ol
23 SLalS a5 5 5 bl 53 Dle g g w55 S L OVSor el lgins imls s F
s gl e 4 (Dl 55

Sl 55 g0 digy Slas pns LDA ‘.;wis\ Seslizal 53 ol sla il 51 S
L Elbow g, asle dliee sla gy 51 Olss oo ysbate ool 6l .l KL
(LDA (Latent Dirichlet Allocation) ‘.:w,_ﬁ}l Sheslizul L .3 S eslazl Silhouette

ol&\ﬁ,,_ﬂlwl.%gfdwuuu;;bﬁﬂsuu\;w,jg,@ydm

1. Orange



VY ol | PR oyl | o s b | diadi g 8 g o s Sllllas | YV

L e -3 g0 ol 3 1y (e SLiosls de gazma 53 3 g0 Cilies Sle g sn g Lalid
slwl 3 (g 5LS osls Calibes (sla 59y 5 pdb LSS Ol 50 CONCOTdance il 3 oslizwl
A3 8 ol sl
by s S5l san 5 C Lo ! » VOS viewer)\)é\ps,'\‘;:bamg\);
=) LS Sl (sla oo A oslinal alin cp) S5l 5 OBty 55 5 L) 528
Sl I iwle 5 oiw S Slalllas (S 5 on (s3laalen (g3l
ot 3l Calies (glaacs S35 5 693 DUl alews s Wl I le ol o
O30 g Oliies ode (la g S oy s 5 S bl inss Fls bli

J;w)jjw&ng‘j@bd&k)}i

bl

Latent L LDA oz, S ¢SCus” L Topic Modeling s e s 5o Jdous ety

o313 e ¥ IS 18 4 (8 g0 90 051 5lS” 42 sazes )l (Dirichlet Allocation

G PR

\*—Jg}_gs 6}\503‘5 QLE._.E:«J g;‘}"b}“ 6JLMJJU° @}f Y JS.:»



VA | 01K 5 esbT 6Va-uy 5568 Slidos y3 3 esls I3 A 3y pan 5 ] Pl

cosliul ¢ pluo ¢ o 5lS candllan (g 8 dan ¢ Judowi cosls ey 5 58) SLalST Jola 1) 05 8
13 58 a3 VA=l 5 S Ol oy 4 L g e Slanesls il g 525 (695 2 (Gl (e
s 5os SLaES 5 S s (6 enls g sl 5 Slabeor! lowt laeSSG 51 Yo
S oo o3l Ol SGL
(s Olbag el el o6 ;S 5L (e cosls cdy 555) LS fols 1Y o5 8
anllas gl 4SS sle 6,850 Gladds ) o &S dey oo ka5 @ (o3lizal ¢ i slS”
s 25 L s (b 6l m Ll 5 e i s e ealial V8- S
A3k olks o3lizal Ol yley (slaesls
(oS DLeMbl ¢ o gas (S e ( olazrl il 5 S conls) SLST Jola ¥ 05 S
VAl 568" Ol ey ol ol 9 (onsmas Dbl 55 50 53 (wla ) (Gt canlllas
sbala, G b 5l Sledbl jlasl KsKa 3) 0 55 Slae Jols Yzl o5 ol
ol p 0 sla 1S
(5,5 aan (Js e (Slalllas ¢ 3 sLS ¢ s cosls (b 5 5S) LS ol oF 05 8
e ey e a5 Ll el (5o 5 0313 ol al Jald 55 (6,8 sl cosliz
315 S a5 Ol e Calibes (laaio andllas j3 a5y opl 5l edaTCasa @Lﬁ ©9)
L Las 0 COVID-19 Slidios Calidee Sle g g0 4 o g 8 ol 45 oy o Jlai 4,
L5 o ol Sl S a5 Slidiond ol 1 ol 4 G (555 2 LOT 1SS
AL an) opl s Dlidos B 28 5 55 eda 0l

©$sS sl Sladss 5y S SlLlS (galus - ik Jdos £33 A3 )3
S5 5l e gazme 65 53 1) SIS alie Ol LU oo spie sl V4 5 S
.u\?"b;ﬂ&,.':&q%T@Auﬂ&u;ﬁ)w,;S@w.Msdﬁu
T P - B W, I - ‘gs\bjr.a&?_&g;:d&réd\ Y
ISt 5333 8 o ool 3 53 gn 030 i gy oo 0 g 0 a5 57 (5 o

Ly aS V-l S (a8 esls Sladss s L;v\:lfamés\.\.&-)v;ad.&iﬂ‘ o lads



VY ol | TR oyl | o s U | iadi g 8 g o pobe Slalllas | YVY

WLl 0k 0313 0L 0y 3 S 1 Szl VOSViewer 1 jilo 5

Va- 568 ol eals Oladow o IS OldS galus = TRFI g L

= Olgs e VA= 968 (69l STosls Dlalllas )5 S 3e Julge 5ol ml glulb aaxg L
Gy ly Fsose Gl ool V8-l 5 S (sl esls a2k ¥ s 00T =l el
st S as g b odd sluls gl sl &l ST Sldlas (g 5luesly
N3 o sman s 5 ESabily (6, Ky 6ol Sl 5 e (sl Sl Cosle
5L aLali VA= ST Lo e Jalge Ol siea Ll 5 0 35l g0l ST eS8 )0
SolS el Olallas isls 4l )5 Wl g o ()l 0 Doy st ol ol dar (5 5Luosly 1A

AL 55 V- S



vy | 01K 5 esbT 6Va-uy 58 Slidos y3 s esls I3 A 3y pan 5 ] Pl

z Swdde  wlal o V4—0s Soals adas £ %
P S ool e 295 I

Sl 9 dine) & e 38yl pole
bt Haeily g s g
G ) v ot )

S8 - N e oSl -
Mm — Opmisly 3
A= e — s o
S - T e
3 — pia AN — gladl., -
;'." - Ayl - ez
ks = .
— - Ay g i = GilS =

J'.JJ“: I J;' . -

S8 e T

- B N W
ST ot

G

18 low (il Zantle 9 sl

s;,‘L—Jl u‘}’&.ﬂ \.A—.—:JJ.{L';.. --S.._J.o} lJJ‘J 4.-.:-‘-& ikt J.Lu&a:..lé JL&J_’:‘-' isyla O r ] f)uj

JJ-’SJJQ _:L.A:‘ K ,;,"l':‘J,".f ‘_,"‘"l"fL"la e p s e u'-:JL'-.

Sl eslauwl g ngLf&u .\_.iTJ.a a5 )3 5 9lS 0l slads k;ﬁ.:b’)ljg Oljme gy 93
t}_: gﬁ.;"f)ljﬂ aMJOuJ o O)La.-i' J&.& c(?;)}‘ )‘j_e‘rj BL Concordance )‘J"

AEL o VA 558 Slidin 53 (6 oyl ST Ol e of e 4 (53S0l L;La(.:.ijjiﬂ



VY ol | TR oyl | o s o | iad g ) g o ke Olllas | YVE

VA 58 Oladod )5 (gylSesls gladie (g s )l SO Ul g Ll 903 .0 K

S g L

V- 558 Slalllas Calites (slao i 53 (555 03ls pualin Ols Lol 5 1) Sl (61
sl I3l ST el 5 (5L e g Sl eslizal Lo, S 13 plulis s s
i 0l g5 e Cidiiee sLagm S bkl 5 (65LS (e T3 aomtiys i3 8 a0 T
VA= 5 ST Sladss 5o o3 ej s> F s G la Sg) (2 50 208 5 3l s esls
AL e

AU L osae o285 6555 (603l 2l sl 5 Sluluo! Lot (slaeSKSS
Ol e

Oble glaesls Lo gy i b S (2o A Y



YO | 01,Ken 5 03bT $1a-uy 558 Silidiod )3 G5 0315 513 4l 3l guas 5 ) ekl

rses S STy 5 bl 3 b 5 Dbl sl K& ¥
Ol s Caliden (glaaio asdlles F

¥ b e Siladde (S UIS DLST (gl ) 0 AE g d o
R V‘“‘" o> axs

(olain! (5lwaSis (pdle 6,8 5 dle el 5 Olyle L Jof arus
S35 o adS b e ol s Slalal o 5 i 6318 0 ¢ olozn] (st
53 dwd ol el adeie aiws ol aealia SllS 51 S bilen .l VA= 5 S
s by ealis J s Sole a5 le S 5L elat Gladila, o)
23V 58 48Tl 48T CiE O g5 e s (e 53 5003l ) 8 e
o) 33 535 A e ) 52 STl 5 daT 5 pmm s 4 oy 5 ool (e BN e
5 Olados 3 gand 1 cdns o 5 s e 53 SV o5 (650 ann s 5 5 0
P 3 S seelS e e 0j e 4185 S e 5o slS ks 4 by e Silalllas
Cgrr LS 0315 o yb Sl (ilites Gla Ry o5 5 (ml 53 25l BLILI (o 5
A e s e 4 Sl ol planil Calliies (gla) 528 50 VA= 5557 oy
S ol 6,57 Guaies (¢ 5 el p e o5 3 1y Sldllas I b oS Ay 8
psde VA= y S 4 by e Slalllas ain 55 500l 4 b gy o Dl 0ge (515! |
ol (Fsan rsh 5 5 geelS

355 V=S i 55 63 Tesls 4 b g o Slalllas aia 3 &5 6 s ws
O rnlionS 1y (oo g S dhacr Sl ol 5 s 4y gy o 023 5515 plulis
) b ol 4 sazmn 13 5 g0 0> Cablgs 5 o5 e Dbl ep o HISSI ¢ guliily
il o pas S GBS, 4 e jta s 5l ates cpl . Cuils el Ol g L Oy 0
Sl erliiil sy ol 51 el 60 geunlicnSTT g 0 e 457 ola g3 5 3515 ol
3 Ay g 30 DB o ies (Salily (Sl Sl p3 0 o5 A
el et Ly ablin Cogr 03 0 (gn e SLeBLI 05 1 VU 5 ESa il s 5 )



VY ol | PR oyl | o s U | e g2 )8 g o os Sllllas | YVS

OUT o Lyl Eel il 5 o p3 0 AT )l gl ool wsls (g oles
™)

Slag,ls cayls ¢ g s r}_:j il SladS r.:Al_u L oladlas p o A
(53 2 908 Cdlad DLl J sl o i (S5 €51 oS oS (tnaids
A Lo ta g 3l it ml el o 850 8 5 (I S50 Il 5 055 5 el
(Sl ol 53 S8 S slagls csibons l 53 SIS 31 Sl lad shor €6 5lay oo
Ly La e 31 aws ool opl ol €405 Jolazstl ghlew ol 53 (S5 50 Ll gy 5 &S5
ool Az HIEE S 0T s kte plo &5 ST Al dtuly o ke Ol siet Ol 5 oo
3,5 A 1 slen (Sl Canle g bl Ol gie L1 s pie Sl s o) 0155 o0

A le caatlin gL it VA= 565 (6980505 a4y b g 0 Dlalllas pl.@,g- 4w
cﬁ)}gj\ (e (s 488 (pw 333 cgj_a s el ge cdl.wd?)}; S5 S (g lew
el cplos 23T adas 3 slagsls 5 (6w 0ol 55 ¢ Blam 035 ¢ g 5505 S
1 ity Lol 53 IS5 b Olg o ) Jalse opl 48 somms il o g o
s VA= 58T g 5 ok Slain) Ol giean 015 e 1) Lo iie ol Cale
el V= 5 8T ol Jal g Ol g (6 (Bl 02,0 50 0 Lle el g 55015
sy 5 )l a2 5T dile e ol 53 eslinul y (glag)ls pizmen
b o

S ) SS Ol e o i L YA= 5 58T Sl )3 (65 0nls Ao o 55 5,8
Al e 5SS YYY sl | Classification o, S

Sla,y iS5 b e Slgiday bay 58T (6 )LSen 4l g a5 L 153 )1 slgiiy
o3liinls ) 30 Ol ml 558 L Lo o Dl (o) 5 IS Hlin sy Dl 55 50y
LS

3L o313 Gladis (6,554 Ol gie 55 o Gl @ 4 57 LI shas s sletiy

338 o sty ST Ol (61 V458 i b e e 5l gl il g



YWY | 00 5 03bT 618wy 558 ilidiod )3 65 0315 513 4l 3l guas 5 ) ekl

P
S Bl

5 ST U ses SLL ESGST Jhash pl OAS g dr a4 3 ekl Ol 0L

..s.s; LRt
Bl o)l
ol e ol
ORCID
Roya Abadeh http://orcid.org/0009-0005-7978-0648
Alireza Hassanzadeh http://orcid.org/0000-0003-3015-3019

Shaban Elahi http://orcid.org/0000-0002-1598-4431


http://orcid.org/0009-0005-7978-0648
http://orcid.org/0000-0003-3015-3019
http://orcid.org/0000-0002-1598-4431

VY ol | TR oyl | o s b | iad g 8 g o ke Slllas | YVA

GL»A
9 L;)Lf ols.(\Y4Y) = cJou\@;— Eau\.'o'-} gdw‘ sl rﬁp‘ (g LRV cw.ﬂu

FF-YAY (Y A (Coodle DleMb) Cy o . CaDw 53 OT 55,18

DLy oj e 53 ls (6,56 bl (WAF). ST e casls ¢ o ¢ Sl ¢ 005 ¢ g
FEXN F ol o il o leSMb 5 Sl falei . S 515 o andllas 1 Sl

2 Ly (e (b (V) Ll ¢35 T b 55 o3l funasl € pumn (93U ks
IS 5 S la e IS alse (o g e g p 5 S s 5 S5 e
(Obians FF 05l 033193 s ccliond 38 1575 oSy e Cllas .S 5 ;S
doi: 10.22054/ims.2023.69067.2199 A+ G ¥\ -

,ugﬁwﬂuJ.\_”j,t_f.(wu).u,Ly\;\;&;e(w@ﬂeg,;wnuu.xw
(Ceodls_y pais s e 59 0 N = 555 Dy ke 53 SLebl (655l sl
https://doi.org/10.34172/doh.2021.09.49a-vv:(1 )1 ¥

References

1. Anderson, B. S. (2021). Using text mining to glean insights from
COVID-19 literature.  Journal of Information  Science.
https://doi.org/10.1177/01655515211001661

2. Antons, D., Grinwald, E., Cichy, P., & Salge, T. O. (2020). The
application of text mining methods in innovation research: current
state, evolution patterns, and development priorities. R and D
Management, 50(3), 329-351. https://doi.org/10.1111/radm.12408.

3. Chalortham, N., Leesawat, P., Buranarach, M. and Supnithi, T., 2008,
May. Ontology development for pharmaceutical tablet production
expert system. In (2008) 5th International Conference on Electrical
Engineering/Electronics, = Computer, Telecommunications and
Information Technology (Vol. 1, pp. 205-208). IEEE. DOI:
10.1109/ECTICON.2008.4600408

4. Chen, Y.L., Analytis, J.G., Chu, J.H., Liu, Z.K., Mo, S.K., Qi, X.L.,
Zhang, H.J., Lu, D.H., Dai, X., Fang, Z. and Zhang, S.C., (2009).
Experimental realization of a three-dimensional topological insulator,
Bi2Te3. Science, 325(5937), pp.178-181. DOI: 10.1126/science.
1173034.

5. Dastani, M., & Danesh, F. (2021). Iranian COVID-19 Publications in


https://doi.org/10.1111/radm.12408

VA | 01K 5 esbT 6Va-uy 558 Wlidos y3 s esls I3 A 3y pan 5 ] Pl

LitCovid: Text Mining and Topic Modeling. Scientific Programming,
2021, 3315695. https://doi.org/10.1155/2021/3315695

6. Davis, R., Shrobe, H. and Szolovits, P., 1993. What is a knowledge
representation?. Al magazine, 14(1), pp.17-17 https://doi.org/10.1609/
aimag.v14i1.1029.

7. Elsayed, A.E., El-Beltagy, S.R., Rafea, M. and Hegazy, O., (2007).
Applying data mining for ontology building. Proc. of ISSR.
https://www.academia.edu/14323140/Applying_data_mining_for_ont
ology_building

8. Eppler, M.J., (2004). Making knowledge visible through knowledge
maps: concepts, elements, cases. Handbook on knowledge
management 1. Knowledge matters, pp.189-205. https://doi.org/
10.1007/978-3-540-24746-3_10

9. Eppler, M.J., 2006. A comparison between concept maps, mind maps,
conceptual diagrams, and visual metaphors as complementary tools
for knowledge construction and sharing. Information visualization,
5(3), pp.202-210. DOI:10.1057/palgrave.ivs.9500131.

10.Gandhi, P. and Pruthi, J., (2020). Data visualization techniques:
traditional data to big data. Data Visualization: Trends and
Challenges Toward Multidisciplinary  Perception, pp.53-74.
https://doi.org/10.1007/978-981-15-2282-6_4.

11.Gorskis, H. and Chizhov, Y., (2012). Ontology building using data
mining techniques. Information technology and management science,
15(1), pp.183-188. DOI:10.2478/v10313-012-0024-5.

12.Gorskis, H. and Chizhov, Y., (2012). Ontology building using data
mining techniques. Information technology and management science,
15(1), pp.183-188. DOI:10.2478/v10313-012-0024-5.

13.Ho, M. H.-C., & Liu, J. S. (2021). The swift knowledge development
path of COVID-19 research: the first 150 days. Scientometrics,
126(3), 2391-2399. https://doi.org/10.1007/s11192-020-03835-5

14 Jiang, C., Ngo, V., Chapman, R., Yu, Y., Liu, H., Jiang, G. and Zong, N.,
(2022). Deep Denoising of Raw Biomedical Knowledge Graph From
COVID-19 Literature, LitCovid, and Pubtator: Framework
Development and Validation. Journal of medical Internet research,
24(7), p.e38584. DOI: 10.2196/385841.

15.Kim, S., Suh, E. and Hwang, H., (2003). Building the knowledge map: an
industrial case study. Journal of knowledge management, 7(2), pp.34-
45. DOI: 10.1108/136732703104772702.

16.Levesque, H.J., (1986). Knowledge representation and reasoning. Annual
review of computer science, 1(1), pp.255-287. DOI:


https://itms-journals.rtu.lv/article/download/v10313-012-0024-5/2693
https://itms-journals.rtu.lv/article/download/v10313-012-0024-5/2693

VY ol | PR oyl | o s o | diadi g 8 g o pobs Sllllas | YA

10.1146/annurev.cs.01.060186.0013513.

17.Mansingh, G., Osei-Bryson, K.M. and Reichgelt, H., (2009). Building
ontology-based knowledge maps to assist knowledge process
outsourcing decisions. Knowledge Management Research & Practice,
7(1), pp.37-51. DOI: 10.1057/kmrp.2008.374

18.Mohammadzadeh, Z., Maserat, E., & Kariminezhad, R. (2021).
Application of Information Technology Models, Approaches and
Tools in Covid-19 Management: Rapid Review. Depiction of Health,
12(1), 77-95. https://doi.org/10.34172/doh.2021.09

19.Ngo, Q.Q., Dennig, F.L., Keim, D.A. and Sedimair, M., (2022). Machine
learning meets visualization—Experiences and lessons learned. it-
Information Technology, 64(4-5), pp.169-180. DOI: 10.1515/itit-
2022-00341.

20.Panov, P., Soldatova, L. N., & Dzeroski, S. (2009). Towards an ontology
of data mining investigations. Lecture Notes in Computer Science
(Including Subseries Lecture Notes in Artificial Intelligence and
Lecture Notes in Bioinformatics), 5808 LNAI(October), 257-271.
DOI: 10.1007/978-3-642-04747-3_212.

21.Peim, N., (2001). The history of the present: towards a contemporary
phenomenology of the school. History of Education, 30(2), pp.177-
190. DOI: 10.1080/004676000100124543.

A. L., Zhang, Y., Huang, Y., & Wu, M. (2020). Tracking and Mining the
COVID-19 Research Literature. Frontiers in Research Metrics and
Analytics, 5(November 2020), 1-18.
https://doi.org/10.3389/frma.2020.594060

22.Safdari, R., Rezayi, S., Saeedi, S., Tanhapour, M., & Gholamzadeh, M.
(2021). Using data mining techniques to fight and control epidemics:
A scoping review. Health and Technology, 11(4), 759-771.
https://doi.org/10.1007/s12553-021-00553-7

References (In Persian)

1. Moghaddassi H, Hoseini A, Asadi F, Jahanbakhsh M. Application of
Data Mining. Health Information Management 2012; 9(2): 304. (In
Persian)

2. Mohammadzadeh Z, Moserrat A, Kariminjad Asl R. Application of
models, approaches and information technology tools in COVID-19
management: A quick review. Health Image 2022; 30(9): 15-66. SID.
https://sid.ir/paper/385727/fa (In Persian)

3. Shafiei Nikabadi, Mohsen, Esmaeilzadeh, Roya, & Abfroosh, Mina.
(2023). Designing a dynamic model based on text mining and soft


https://doi.org/10.1007/s12553-021-00553-7

YA | O1Kan 5 esbT 6Va-uy 558" Slidos y3 3 esls I3 A 3y pan 5 ] Pl

methods to determine the most important key factors of e-business
models. Studies in Smart Business Management, 12(46), . doi:
10.22054/ims.2023.69067.2199 (In Persian)

4, Soheili Faramarz, Shabani Ali, Khasse Ali Akbar. The structure of
thought knowledge in the field of information behavior: A study of
homonymy. Human and Information Interaction. 1394; 2 (4). URL:
http://hii.khu.ac.ir/article-1-2446-fa.html. (In Persian)

Sl 4k (g5l y gean g Cljée:.wl OF ) 0lad ¢ gl (lb e cosl e b5y sl :dflan pf 4y Slwl
DOL:  YM-Y00 (PN cliadpn S5 S Copds Sllles VA58 Sl s (g55esls
10.22054/ims.2024.77278.2432

Journal of Business Intelligence Management Studies is licensed
under a Creative Commons Attribution-NonCommercial 4.0 International License..


http://hii.khu.ac.ir/article-1-2446-fa.html




