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Introduction:

The fiscal policy multiplier in macroeconomics is a measure used to quantify the
impact of government spending on a country's economic output. Essentially, it
indicates how much GDP changes in response to a change in government
spending. For policymakers, accurately estimating the fiscal policy multiplier is
crucial in understanding the potential effects of fiscal policy on the economy.
However, the impact of fiscal policy can vary depending on several factors,
including the state of the economy, the type of government spending, and the
economy's openness to trade and business. There are differing views on the extent
to which fiscal policies influence production and macroeconomic variables. In
extreme cases, Keynesian economists advocate for the use of fiscal policy tools
to stimulate production and economic growth, deeming them both appropriate and
effective. Conversely, economists from classical schools argue that fiscal policy
has little to no impact on production and economic growth. Consequently, the size
of the fiscal multiplier may vary based on various characteristics of each
economy, such as government debt, exchange rates, the degree of economic
openness, and the state of the business cycle. These considerations are particularly
relevant for policymakers, as they play a key role in shaping these economic
characteristics (Reira-Crichton, 2015). There are four main perspectives on how
fiscal policy is effective during different phases of the business cycle. The first
view, aligned with Keynesian and Neo-Keynesian schools, suggests that increased
government spending (or reduced taxes) will influence private sector consumption
and investment, thereby affecting gross domestic product (GDP). Since
government spending has a lesser substitution effect during a recession than in a
boom, its impact is greater during recessions. The second perspective focuses on
the state of financial markets during recessions and booms. Proponents believe
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that during recessions and financial crises, borrowing constraints limit economic
agents' ability to borrow, and these restrictive credit conditions amplify the impact
of government spending (and reduce the impact of tax cuts) on GDP (Aghion et
al., 2009). The third perspective posits that capitalists' saving behavior is cyclical,
leading to a greater fiscal policy multiplier—and thus a more significant effect of
government spending on production—during recessions compared to booms
(Charles et al., 2015). The fourth perspective, which contradicts the previous
three, is based on the Real Business Cycle (RBC) model and asserts that the fiscal
policy multiplier is zero. This viewpoint argues that the intertemporal budget
constraint and the wealth effect neutralize the impact of expansionary fiscal
policy. Since people anticipate future tax increases to cover government debt
resulting from expansionary fiscal policy, the fiscal policy multiplier is effectively
zero (Pragidis et al., 2018). Moreover, the choice of economic estimation methods
influences the analysis of fiscal policy's effectiveness. The literature on the impact
of fiscal policies on production and macroeconomic variables reveals ongoing
debate about the best methods for identifying responses to fiscal shocks, with no
consensus on the appropriate techniques for estimating fiscal policy multipliers.
Evidence suggests that in developed countries, fiscal multipliers are generally
positive and less than or equal to one, though this varies based on factors like the
exchange rate regime, trade openness, and the type of government spending
(Remi, 2019). Additionally, evidence indicates that the fiscal multiplier changes
over time, with larger multipliers observed during recessions than in periods of
economic prosperity (Baum et al., 2011). While the effectiveness of fiscal policy
on production and economic growth has been explored in numerous domestic
studies, very few have focused on estimating fiscal policy multipliers in specific
countries. Most studies in this area calculate government spending multipliers
either linearly (as a constant value over the entire period) or non-linearly (with
multipliers varying according to economic conditions like business cycles or
credit cycles). However, recent studies in other economies have shown that
multipliers can change over time. Theoretically, it can be argued that fiscal policy
multipliers are not constant but fluctuate based on different economic conditions
and shocks. Economic theories identify several factors that affect the size of fiscal
multipliers. Broadly, these factors can be categorized as either structural or
temporary. Structural factors determine the economy's response to fiscal shocks
under normal conditions, while temporary factors cause deviations from the
normal level of fiscal multipliers (Batini, 2014). This study estimates government
spending multipliers in the Iranian economy using a time-varying parameter
vector autoregression (VAR) approach over the period 1990-2022. The novelty of
this research lies in two areas: First, it addresses the estimation of time-varying
government spending multipliers, which has not been explored in previous
domestic studies. Second, from a methodological perspective, it applies a time-
varying parameter VAR approach to distinguish between structural and cyclical
changes in fiscal policy multipliers, a technique not previously used in domestic
studies.



Y VEOY ot ) 0,kond = 0lal ol g Wiumslunw dobilund

Methodology:

In this paper, the estimation of the government spending multiplier in Iran's
economy is analyzed using the Time-Varying Parameter Factor-Augmented
Vector Autoregressive (TVP-FAVAR) Model, employing seasonal data from the
period 2019-2020.

Results and Discussion:

The results indicate that the size of the government spending multiplier fluctuates
between 0.63 and 2.3 during the investigated time period. These fluctuations are
primarily driven by cyclical factors within the economy, while structural factors
have a relatively minor impact on the results.

Conclusion:

Therefore, based on the research findings, the effectiveness of fiscal policy should
prioritize the state of the economy within business cycles over other factors.

Keywords: Government spending multiplier, Time-Varying Parameters Factor
Augmented Vector Autoregressive model, Fiscal policy, Business cycles, Fiscal
multiplier.
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