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1- Digital Surface Model
2- Semi-Global Matching
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3- Structure from Motion
4- Snowflake Point Deconvolution

1- Pyramid
2- Generative Adversarial Network
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3- Farthest Point Sampling (FPS)
4- up-Sampling

1- Point Transformer
2- Multi Layer Perceptron(MLP)
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1- Triangulated Irregular Network
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