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Abstract

The purpose of this study was to model and predict temporal and spatial patterns of land-use
change in the Zayandehrud basin. In this research, the CA-Markov prediction model was used to
simulate and predict land-use change. First, the land-use changes from 1996 to 2018 were studied and
then the future changes for 2030 and 2050 were simulated. Afterward, the future land-use scenarios
were designed. The model was validated by comparing the simulated map of 2018 with the real map,
and the kappa coefficient of 94 % was utilized to evaluate the model. Based on the results, the Built-up
land-use was altered from 13016 hectares in 1996 to 154194 hectares in 2050. This outcome
necessitates the management of the future development of the city. Furthermore, the amount of
agricultural land was varied from 177067 hectares in 1996 to 40,000 hectares in 2050. Among all the
changes, agricultural lands attracted the most attention and concerns. The results indicated the land-
use changes in the form of urban areas and reducing area of agricultural lands. Such alterations were
taken place in two distinct stages: urban lands have been developing since 2013, with a direct impact
on the reduction of vegetation due to the conversion of agricultural lands into other land-uses. The

*Corresponding Author
Karimzadeh Motlagh, Z., Lotfi, A., Pourmanafi, S., Ahmadizadeh, S. (2022). Evaluation and Prediction of Land-Use
Changes using CA_Markov Model. Geography and Environmental Planning, 33 (2), 1-6.

2252- 0910/ © 2022 The Authors. Published by University of Isfahan

This is an open access article under the CC-BY-NC-ND 4.0 License (https.//creativecommons.org/licenses BY-NC-ND 4.0)
d http://dx.doi.org/10.22108/gep.2022.130601.1458 |__ 20.1001.1.20085362.1401.33.2.1.1



https://creativecommons.org/licenses%20BY-NC-ND%204.0
https://dx.doi.org/10.22108/gep.2022.130601.1458
https://gep.ui.ac.ir/article_26294.html
https://gep.ui.ac.ir/article_26294.html
mailto:lotfi@cc.iut.ac.ir
mailto:spourmanafi@cc.iut.ac.ir

2 Journal of Geography and Environmental Planning, Vol 33, No. 2, Ser No. (86) Summer 2022

dynamic trend of changes has also been confirmed and intensified since 1996. In 2018, a significant
area of agricultural lands was converted into urban and industrial areas. In addition, the agricultural
and orchard lands were 74057 hectares in 2018 and can be reduced to 40,000 hectares by 2050. It
revealed 34057 hectares lost as compared to the agricultural and orchard lands in 2018. The present
study depicts that the expansion of urban and industrial activities and reducing the level of agricultural
land in the region requires more attention and care in land management.

Extended Abstract:

Introduction: Land use/Land cover (LULC) change is one of the main issues of sustainable
development. To provide a rational science for regional planning decisions and sustainable
development, land use pattern prediction models based on past preliminary information can be used to
construct future scenarios of land-use changes. Modeling and predicting land use changes provide an
interesting perspective for applications in planning units such as river basins and make it an effective
tool for analyzing the causal dynamics of the future landscape under different scenarios. Land-use
models are considered a powerful tool for understanding the spatio-temporal pattern of land-use
changes, such as the Markov chain, cellular automation, and hybrid models based on these methods,
which are widely used to simulate the spatial and temporal dimensions of land use. In the present
study, land use changes prediction was performed using a combined model of cellular automation and
the Markov chain (CA-Markov) to simulate temporal and spatial land-use patterns. The present study
tries to predict land-use changes in the Zayandehrood river basin. The Zayandehrud basin is currently
facing major environmental problems (such as water resources scarcity, population growth, urban
development, and agricultural land degradation). Therefore, it is essential to evaluate land-use changes
for this sensitive basin. In particular, the objectives of the research include two stages: 1) patial
modeling of land-use change, and 2) predicting spatio-temporal patterns of land-use changes in the
Zayandehrud river basin.

Therefore, in the present research, land-use changes from 1996 to 2018 were investigated and
future changes for 2030 and 2050 were simulated.

Methodology: In this research, land-use changes modeling was performed in three time periods 1996
to 2013 (17-year period), 2013 to 2018 (5-year period), and 2018 to 2030 and 2050. The purpose of
modeling is to determine the capabilities of the Markov chain model and integrate it with cellular
automation to detect land-use changes. The images were classified into 4 classes: agriculture and
gardens, built-up (urban areas, airport, and road), industrial towns, and other land uses (abandoned
lands and fallow, rangeland, water areas). Finally, land-use changes modeling was performed in the
period 1996 to 2050 (54-year period). The steps of the research method are as follows:

Step 1: Pre-processing of satellite images: Radiometric correction was applied to the images. Next,
the images were processed using the FLAASH module in ENVI5.3 software to reduce atmospheric
interference. Then, by synthesizing the name and wavelength of the bands, image storage, mosaic, and
mask clipping, a preprocessed remote sensing image was generated. Finally, the preprocessed remote
sensing image was obtained.
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Step 2: Processing satellite images: Types of land use images in the area in ENVI 5.3 were
extracted using visual interpretation and supervised classification methods. Land use classification
algorithms were used to estimate the three main land-use classes (agriculture, urban, and industrial
development). The principal component analysis method was performed on the images and was
identified agricultural by high resolution. Land use classification for 1996, 2013, and 2018 was done
with a classification approach based on the decision tree. To classify the images, maximum likelihood
methods, artificial neural networks, and support vector machines were used. The final classification
was performed using decision tree analysis. Finally, prediction of land-use changes was performed on
images by performing the CA_Markov analysis in TerrSet software.

Step 3: Post-processing of satellite images: Using Google Earth and cross-tab analysis, TerrSet
software evaluated the accuracy of classifying land-use thematic maps. Using the existing database, a
validation process was performed to ensure the accuracy of the model in predicting land-use changes
for the forecasted 2018 map. The accuracy of the simulated model of land-use change in 2018 was
validated and then compared with the actual map of the same year. The validation process was
performed by generating the kappa coefficient.

Discussion: In this study, land-use changes in the Zayandehrood basin were identified and
investigated. The results showed that land-use changes are in the form of urban development and
reduction of agricultural land use. Such changes have occurred in two distinct stages. First, urban land
expansion has prevailed since 2013, with a direct impact on declining vegetation as a result of the
conversion of agricultural land to other land uses. The dynamic trend of changes has also been
confirmed and intensified since 1996. Because in 2018, a significant area of agricultural lands was
converted into urban and industrial areas. Future scenarios based on the CA-Markov model provide
valuable information about future land use and land cover changes in the study area. This study can
identify land-use changes in different periods and depict the increase or decrease of important land
uses in the region. According to the study of Motlagh et al. (2020), land-use changes were studied
based on three possible scenarios (i.e. the current trend of land use growth, conservation of agricultural
lands, and urban development forecast). Future scenarios for 2030 and 2050 estimate that there will be
a significant reduction in vegetation and agricultural lands and orchards and continued urban and
industrial development in areas along the Zayandehrood basin. Expansion of the agricultural sector
along with the conservation of natural resources is not only one of the most important challenges of
sustainable development in the Zayandehrud basin but is also essential for future strategic land use
plans. Compilation of instructions for sustainable agricultural development can be a way to strike a
balance between nature conservation and economic development in the region.

Conclusion: In summary, this study demonstrates how the proposed CA-Markov model is used to
better simulate land use complex and dynamic changes over time. Of all the land-use changes, the
most worrying is the situation in the region for agricultural lands. If the current trend of land use
continues, we estimate that by 2050, its area will be halved, and such changes in the landscape will
undoubtedly change the entire ecosystem of the basin, emphasizing that the negative effects on the
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vegetation of the basin have a direct impact on the economic sector of the region because maintaining
the quality of the environment of the Zayandehrood river basin is essential for ecotourism. Therefore,
the management and planning of the basin are highly recommended to preserve its unique ecosystem,
as well as to protect the vegetation in the area. The methods and results of this study will be useful for
policymakers and urban planners for precise planning of the region to be able to manage the city using
farms and conserving water resources and urban infrastructure development planning for
environmentally sustainable development.

Keywords: Land-Use Changes, Cellular Automation, the Markov Chain, Zayandehrud River Basin.
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Figure 1. Location of the study area
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Table 1. Remote sensing data information
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Figure 2. Satellite images of Zayandehrood basin with the combination of bands 4, 3 and 2 in years
a)1996, b) 2013 and c) 2018
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Table 2. Visual interpretation of land use signs
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Figure 3. Flowchart of research method
L5|°J‘_9"‘L" J.;JL,GJ uj’i‘-’ﬁu:':-; ZJ}' f‘f
‘)‘JJ|CJJ B FLAASH d}jlﬂ )‘ oslaiul LJ j.ul.».a? GLSJJU ;.L>-JA DL A JLQ.G‘ ﬂ)L&T S &i}:“ﬁjb @99,4‘;

Mol g ye I3 b 5 s Sl asliad Ly s 50AE (3500 1y S sl o5 2alS s LENVIS3



At OKen 5 3hhe o330 S CA_ MarkoV Jue 3l esbizal b o205 5,508 Sl i s i 5 b))

dg_a_é);wv\_"M.X_:JJSoMuL)‘JﬁuL:;)}JJ\JMﬁMc&b&f‘)g&b)ﬁcﬂfﬂjéjucﬁ-b
o batew Y 5 el lansl by Ll Jlesl oz lals (gl p cib o poas s Sl
)wjfjla'iﬁL;JJ&L;U”'-)Q}»)'TJ%})@JQ&QL[{\\’ w\j\r‘ﬁﬁgﬁi\jyd(ﬂ.ﬁmw)sg
)\&wﬂ)@%\.@:})Mo%bﬂj@‘)bpﬂ.‘:byb—}ﬂb&?WWJJ&QL@;JJUM‘F‘

el e 4ol B3l s 90

sloolsale pslas 25ls 5 tp s clf
2 G DS S 9 s Mib (g5led e

Stib 5§ e SLa i, Sl esliel LENVIE 53 s ailaie 53 51 6 ,)lS usload ¢l
3 SIS ol IS w5510 Sl s b 5 5 sl slaen ST il sdd s
Slallae dilae 51 L3 Sledbl alal 5 (IS la oS s 43 S IS a4 (Lo 5 (5,45 dnen 5 —(55,5LES)
s ey NS Ol e L 4 6l W a0 Dl e a5 Ll l Glial
3 SlS Stk A3 jatia sl msds b 65aliS 6l SKSE 4 Ll sl gy | kol slaadl 3
s A pbnil el s e ieail 3 S, L YO 5 T 0447 sladle (s ens i
ol b oslinal FOlgnty Jls 5 eile 5 o gime eae 400 (Jlazm| STa gla i, 5l sl sduai
AUT Gl b (o) bSO ais iy Sl A pll ol sinaih (roenas 55 o
s Jlesl sl o, TerrSet Slsle s CA_Markov

S SBL 51 5 5555l s
< S 5l Jue

S S e S 53 s e e S et S oS s pladie Llid G S5l glads
3 ) )‘ oaleul L;LA.X_J‘}J)Q\J_:@ L;)L»JJA)JMAJJS)LA LgLAJJ.a JNSL;a %ﬂjwdudb—
‘5.)._.;)‘.,\.3 u.)\._ia :L_...:A) Lol clzion g.Jj»UGﬁ)L:M-J dlﬁ) Mgbuxj)&mr@)bjkﬁw oslaul U:M;ﬁ
Sladie Jsha UL gt 5l eslinal g sd 50 ol 0,5 i 5 b i S o i 5o 1) sk pa y (Silean i
(Gharaibeh et al., 2020) &k s o oSS S 5le

1. Principal Component Analysis (PCA)
2. Decision tree

3. Neural Network

4. Support Vector Machin (SVM)
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1. transition rules
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Figure 4. Topology of two-dimensional cellular automata, Moore neighborhood
(Assaf et al., 2021)
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2. CrossTab
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Figure 5. land-use Classified maps of Zayandehrood basin in years 1996, 2013 and 2018
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Table 3. Area, amount and percentage of classes changes of land use maps in different years
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Figure 6. Land use changes in years 1996-2050
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Figure 7. The predicted land-use maps with the CA-Markov model
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Table 4. Transition probability of land-use/land cover change classes for the periods 1996-2013
and 2013-2018
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