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Abstract: In this paper a new method for annotating images in Persian [ranian Research! Institute
scientific documents is suggested. Images in scientific documents for Information Science and Technology
contain valuable information. In many cases, by analyzing images one (IranDoc)

can understand the main idea and important results of the document. ISSN 2251-8223

Due to explosive growth of image data, automatic image annotation has clleiEhY 2ilael
attracted extensive attention and become one of the growing subjects Inderes by SCaPUS, 186, & LS
in the literature. Image annotation is the first step in image retrieval
methods, in which descriptive tags are assigned to each image.
Here, for image annotation the associated text is used. The caption and
the part of the document that includes the reference to the image are
considered. None phrases in the associated text are ranked based on
five different methods: term frequency, inverse document frequency,
term frequency—inverse document frequency, cosine similarity between
word embedding of noun phrases in the text and the caption and using
both term frequency—inverse document frequency and cosine similarity
methods. Image tags in every method are the noun phrases with the
highest rank. Suggested methods are evaluated on the test data from
Iran scientific information database (Ganj), the main database of Persian
scientific documents. Term frequency—inverse document frequency
method gives the best results.
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