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1. Auto Regressive, 2. Artificial Neural Networks.
3. One Day Return. 4. Gfficient Market Hypothesis.
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5, Neuron. 6. Function approximation.

7. Pattern recognition. 8. Nonlinear forecasting.

9. Lapede and Farber. 10. Chaotic.
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11. Time series. 12, Efficient Market Hypothesis.
13. Random Walk. 14. One Day Return.
15. Conditional Bxpected Value. 16. Auto correlation Function.

17. Partial Correlation Function.
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18. Dickey - Fuller t - statistic,
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19. Detrend.
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20. Order. 21. Random Variable.
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22. Least Mean Square Error.
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23. Recursive.
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24. Back Propagation Learning Rule. 25. Generalization.
26. Look up - table.
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27. Bias. 28, Hyperplane.
29. Steepest Descent Gradient. 30. Local Minima.
31. Feedforward Neural Networks.



r@}b%&‘d}:{ﬁLﬂ‘ﬁ&ﬂj:ﬁdLﬁ“JﬁJﬁGJJJJ‘hdﬂﬁsw&mk’:w
LU sE5 prac 8k gladi )y palilS (gl ol odel il co )T (s e bl ol g e

3990 Fsane S anlih BB otedlh) 5wl bl 1) Kealios wuhi & ghlabae bl
et s ol o eobiiad jpe (orme A0 3l o saliiod ilews S8 ollad slgua o 2
VO Slae Y 1 8V 0050 LY vale 2 52 Y 5 (iae LY (g LY Sl Y T gl
o o9 s ol ff(x) = tanhx)] A slia cilili g 5 ad sk ol Sa)la s 8 Ko g2 LY 508
st T s — 0S5 b oF dalsh ot s 008 seabie G Und LS Gy 5 S0l & 86 )
Ot 31 a0l b 4Kl 51 g o Cans) guie Foo Julih (85 gol) 5 Suls £ pams cledal s b o
BEER NP JUVOYY S0 PINE T/ FRP PR FIPIc PROCR VA SYSLICITS T PP e
oS Sledbl o aoliiil b ool Sas oollae pualie 45 ol agd abens Ll 5, 803k il
) 8 355 shm e Hhestitel b 5 {tale)] Le pana) wiloatis soliiool 4aih 5u g 580k Ua o
SR By KPS PRSI PP vn g Sogea T e 3T 3 g8l La e L sal Suwa
w058 o plas] wdal

s Jaa b o A hug Gl g eu5l g ea)l Gy 58 SOLES (02 0) 5 (- 0) glalo g
i ol 4S @l RY = o/AYYO L il osmc 2S0h Joe (sl5s inedS RY Jhiie 5 ol joeae
wiBd e GLis 1) e 4 Jad gab as Alies g 4 (ped3 g g dbealae i (YL 5 Slae

P03 giae o s (GladSat Yo s Shae LT a5 5 i s s sl s el 50
SLalo pad ol suati paditie sl glbjlo gad 7 o - ceal 468 S & gee uglead laiid o
80 gams Oyt jo it 80 S LaBB 50 1) eac 4K Jas o Shae B ghes gaas (& - 0) 4 (- 0)
3(&-0) slala pad 48 o oo g o aols GLES by aal J1 51 Sanid o Sl ol ji o Slae
ShuladT 36 51 Sacad jo 1y agton wulid o Slae 48 il sn S ettt ja 1 glen suas (- 0)
ahs s LSS

(51 <ol 5t aalial 53 90T Uanyo 3 e (slmm g 9 g8y cledlal SR Luslas
sl caaas R (0033 505 2 55342 (200 9 0908 it 51 Gl (B30 By 5 4
plast (Jue 9,55T50) GhaledT Uaya 5o Joo slima g0 5 oadlp ailedal 3 sulitiad LR Lonilas
0 et SASad 0 a3 Sl &€ cd RT = o/ATTY clla ol 50 .1 = Yoo 4 0F0 _ s sd e

g e LA e%‘suﬂuomm glAasd 5al, O AL PRI PO S IR TORRL P I

32, Nguyen - Widrow, 33. Model validation.
34. Overfitting,
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