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Abstract

The main reason that data mining has become the focus of attention in the information
industry is the availability of large volumes of data and the urgent need to extract useful
information and knowledge from this data. In data cleaning operation, the problem of data
quality is solved. One of the problems that affects the quality of data is skewed data or
abnormal data. These are records whose attribute values are very different from other
records. In this research, a method based on deep learning and 14-layer deep neural
network on the tensorflow and cross package has been used to diagnose the abnormality
and improve its performance. The data set used in this research is a data set with 2%
anomalies. The accuracy of the proposed method was 97/08 and the readability and
accuracy criteria were 97%. The proposed method was compared with 5 other models
based on convolutional neural network and LSTM recursive network. The value of the
classification evaluation criteria showed a very good improvement over the proposed
method compared to traditional methods and even methods based on deep learning.
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Layer (type) Output Shape Param #
dense 53 (Dense) (Mone, 64) 448
dense_54 (Dense) (Mone, 128) 8320
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dense_55 (Dense) (Mone, B4) 8256
dropout_22 (Dropout) (Mone, B4) e
dense 56 (Dense) (Mone, 32) 2080
dropout_23 (Dropout) (Mene, 32) a
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dense_59 (Dense) (Mene, B) 54
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1. Fully Connected
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