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1- local thermal performance
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4- Deterministic
5- Exact
6- Inverse Distance Weighting (IDW)

1- Interpolation
2- Inverse Distance Weighting (IDW)
3- Radial Basis Functions (RBF)
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7- Global Polynomial Interpolation(GPI)
8- Local Polynomial Interpolation(LPI)
9- long-range trends
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1- Radial Basis Function (RBFs)
2- Thin-plate spline

3- Spline with tension

4 - Completely regularized spline
5- Multiquadric function

6- Inverse Multiquadric Function
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7- Diffusion Interpolation with Barriers
8- Cost Surface

9- Geostatistical Analyst Extension
10- Probabilistic
11- Geostatistical
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1- Kernel interpolation With Barriers
2- ridge

3- Spatial Condition Number

4- Prediction Standard Errors

5- Ridge Parameter

6- bias
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9- SPHERICAL

10- CIRCULAR

11- EXPONENTIAL

12- GAUSSIAN

13- LINEAR

14- Areal Interpolation

15- Predictions and standard errors
16- Polygon-to-polygon reaggregation

1- INexact

2- stochastic
3- Ordinary
4- Simple

5- Universal
6- Indicator
7- Disjunctive
8- Probability
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6- nonstationary
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1- Empirical Bayesian Kriging
2- sub setting

3- Semivariogram

4- single

5- true
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YRRty

250 5k Jeles gildie Plus- o @ Llse
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(Esri, 2018h) =

1- Anisotropic
2- Log Empirical transformation
3- Transformation
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.(Chenetal., 2012) Llazb S 5l 3 ax &5
SVF 03,51 Ces @0 8l 2 |y o555 (Steyn, 1980) -yt
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Lsou S s cnl JolSS g, gy aalsl s ccnl podle
(Holmer, 1992) ,J 5 (Svensson, 2004) o)w').ﬂ/l L
(Liang et al., SSU (L Chapman et al., 2001);)\;&@ 5 e
(Lee Chapman, Thornes, Muller, & McMuldroch, s 2l 5 2017)

Klesls rl;u'l @ cpl 53 Sldlae 55 2007; Debbage, 2013)

‘5J|J'5|€JJ o9y —Y-0-Y
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(Souza, Rodrigues, & u*‘-’“f’ 9 135w YUnger, 2009) 3 g o
PSSV s gl shas Gtam B 4 (’"\5‘ Mendes, 2003b)
g aslsl 55 Lles S GIS (gahow st (5 e Glalas
bl 2 1 e S Sladlas 5 0 (Unger, 2009)
(De Souza & Da Silva, 2006; Souza, Rodrigues, & U}M R 5
Arc sl 5 3l eslaisl L 5 Mendes, 2003a; Souza et al., 2003b)

el 03,5 &I View 3.2
(T. G4l, Lindoerg, & Unger, 2008, T. M. O, ea 5 J&
! (Chun"da.ll% 9 O «Gal, Rzepa, Gromek, & Unger, 2007)
Lolde pl a5 (sl S5 )3 55 & Guldmann, 2014)
(Chenetal, O,Kea 5 o pl pedle s S Ol
e asle Sl e OIS R K 2012)
o0 U3 w8l (s3bp sea sls Lty |, CSVF

8- Fish Eye
9- B. Chun, J.M. Guldmann

gl el esls QLS A o, s SVF L;JAM
& er5 L CSVF & DSVF s s & ies,
el GSVF (glaesls

SVF awwlowe ‘_;Lbui‘a‘gj Ee} -0-Y
2 LSVF als ¢l SSUS o by, 0556
@ aalsl 53 tedes S sl il LSS (6,8 b
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o3l sl 5 el 4 Sl ks 5 b ) SISV
CresS Sl (s, ol 53 (Unger, 2009) 35l “TOla L
Mol Dl Ju 5 el Slasie s, SVF
(Oke, 1981) 4S5l (Chenetal, 2012) 3,1, 3 (g e (slac,s
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(Chenetal, 2012) 5 S oslaial (g el U

N plSe g, —Y-0-Y
S 3y S sl (Anderson, 1964) O s, Ll fYL:»b—\
B u‘”&’ bjg."ﬁ) &.’ &‘Jlé )‘ \) ((vv\.lﬁ %’:’f”.” s

1- Analytical (geometrical)

2- Elevation
3 - Azimuth angles of a building
4- Radiation Exchange Model

(graphical method) Ssl 8 s, ¢b L (Eliasson, 1992) O 5lk! -0
&S e st Ol

6- Photographic

7- View factor



(=) 2ldlas Oledbl Jbagh - (sole dolilad
VoV /e (SVF) Glow] a3 030 c po ol cpuesks

My oS S ol 5 Wl b Jas e (glas )8
{(Wong, Jusuf, & Tan, 2011) el 03 S

le.hob\) &)L»oﬁb 9 J':'L’J EREYS Ol GIS
GIS (pizmen 35l aald |y plad e 5 las
Oy als dl= e 5o 5 Sl (iluag 4 500
(De Souza & Da Silva, 2006; Souza et al., sl LSJL”M
ool bl ol Gl s w5y s 31 20030)
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(Matzarakis & Matuschek, 2011; Matzarakis, Mayer, & Chmielewski,
5 (Asawa, Hoyano, & Nakaohkubo, 2008) 4 2010, pp. 534-539)
(Lindberg & s (Jusuf et al., 2017) 5 (Vieira & Vasconcelos, 2003)

)3; (Ratti, 2001; Ratti & Richens, 1999, 2004) 3 Grimmond, 2010)
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e 0335 KN (55l i 8 0,
SVF(Chen et al., 2012)
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.(Chenetal, 2012) 3 55 o JLSK s
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2- Root Mean Square

1- Geographic Information System
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1- Mean Standardized
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3- Average Standard Error
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2- Kernel Functions
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Neighborhood type Smooth
Interpolation Techniques Simple Simple | EBK
Model RQ Expo Pent Tetra Sphe Circ RQ Expo Pent Tetra Sphe Circ

T
| smallest

Root-Mean-Square(RMS)
Mean Standardized | 0
Root-Mean-Square Standardized(RMSS) | 1
[ near to RMS

0.061 0.070 0.020

Average Standard Error

0.2784 0.2786 0.2789

0.041 0.041 0.041 0.041

0.034 0.037 0.023 0.023 |

0.2789 0.2788 0.2793 0.2807

0.034 0.035 0.036 0.035
0.042 | 0.062 0.069
0.035 0.037 0.024

0.034 | 0.045

Scenario 31 33 34

35

36 37 128 31 33 34 35 36 37 128
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2- Root Mean Square

3- Mean Standardized

4- Root-Mean-Square Standardized
5- Average Standard Error
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1- Kernel Function
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Cross Validation Comparison
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(Esri, 2018a) JiL ails RMS

x
Compare: Kriging To: Empirical Bayesian Kriging ~
Predicied Predicted
1.008 1.041
0912 0.945
0.814 0.851
0717 0.756
0613 0.661
0521 0.565
0424 047
0.326 (" 0375
0229 028
0131 0.185
0.034 = 009 F
=" . L .
0084 0034 0131 0229 0326 0424 0521 0618 0717 0814 0912 1009 -0005 009 0185 028 0375 047 D566 0661 075 0851 D946 1.041
Measured Measured
Predicted  Eror . Standardized Emor . Nommal QQPlot Fredicted /_ Ermor - Standardized Eror . Normal QGPlot
Regression function 0.497412988624372 * x +0.349931270310402 [Regression function

Prediction Errors

[0.475513034803008 * x +0.370377759108214 ]

Samples

6157 of 6157
Mean -0.0007034233
Root-Mean-Square 0.277881
Mean Standardized -0.03364059
Root-Mean-Square Standardized 1.061993
Average Standard Error 0.2430471

Prediction Errors
samples

6157 of 6157
Mean 00001397868
Root-Mean-Square 0.2778149
Mean Standardized 0.0001471047
Root-Mean-Square Standardized 09554165
Average Standard Error 0.2843075

(e2IRQ 55 e b el Kooy S b (Canl ))'EBK Il gs ol 55 anlin N1 6,5

() RQ 35l dde b osles Kiom S 5 (Gl ) EBK 5L0g50 (Sl 5 anlin 2V 6,5

1- Cross validation
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